
+300 Python

Algorithms

Hernando Abella

Aluna Publishing House is united by our shared passion for education, languages, and technology. Our mission is to provide the ultimate learning experience when it comes to books. We believe that books are not just words on paper; they are gateways to knowledge, imagination, and enlightenment. 

Through our collective expertise, we aim to bridge the gap between traditional learning and the digital age, harnessing the power of technology to make books more accessible, interactive, and enjoyable. We are dedicated to creating a platform that fosters a love for reading, language, and lifelong learning. Join us on our journey as we embark on a quest to redefine the way you experience books. 

Let's unlock the limitless potential of knowledge, one page at a time.

Table of contents

Introduction

What is an Algorithm?

Data Structures


Array

Equilibrium Index in Array

Find Triplets with 0 Sum

Index 2d Array in 1d

Kth Largest Element

Median Two Array

Monotonic Array

Pairs with Given Sum

Permutations

Prefix Sum

Product Sum

Sparse Table

Binary Tree

AVL Tree

Binary Search Recursive

Binary Tree Mirror

Binary Node Sum

Binary Path Sum

Binary Tree Traversals

Diameter of Binary Tree

Diff Views of Binary Tree

Distribute Coins

Fenwick Tree

Floor and Ceiling

Is Sorted

Is Sum Tree

Lowest Common Ancestor

Maximum Fenwick Tree

Number of Possible Binary Trees

Disjoint Set

Hashing

Bloom Filter

Double Hash

Hash Map

Hash Table

Hash Table with Linked List

Quadratic Probing

Heap

Binomial Heap

Heap Generic

Max Heap

Min Heap

Randomized Heap

Skew Heap

Kdtree

Build Kdtree

Hypercube Points

Kd Node

Nearest Neighbour Search

Linked List

Floyds Cycle Detection

From Sequence

Has Loop

Middle Element of Linked List

Print Reverse

Swap Nodes

Queue

Priority Queue Using List

Queue by List

Stacks

Balanced Parenthesis

Infix to Postfix Conversion

Next Greater Element

Postfix Evaluation

Prefix Evaluation

Stock Span Problem


Sorting Algorithms


Bogo Sort

Bubble Sort

Counting Sort

Double Sort (Hybrid Sort Approach)

Dutch National Flag Sort

Exchange Sort

Gnome Sort

Insertion Sort

Msd Radix Sort

Natural Sort

Odd Even Sort

Quick Sort

Selection Sort

Shell Sort

Shrink Shell Sort

SlowSort

Stooge Sort

Unknown Sort

Wiggle Sort


Searching Algorithms


Binary Search

Double Linear Search

Hill Climbing

Interpolation Search

Jump Search

Linear Search

Median of Medians

Quick Select

Sentinel Linear Search

Simulated Annealing

Tabu Search

Ternary Search


Dynamic Programming


Catalan Numbers

Climbing Stairs

Combination Sum Lv

Edit Distance

Factorial

Fast Fibonacci

Fizz Buzz

Integer Partition

Longest Common Substring

Palindrome Partitioning

Tribonacci

Word Break

Coin Change


Ciphers


Affine Cipher

Atbash

Base 16

Beaufor Cipher

Caesar Cipher

Morse Code

Rot 13

Rsa Cipher

Rsa Key Generator

Suffled Shift Cipher


Maths


Abs

Addition without Arithmetic

Aliquot Sum

Arc Length

Average Absolute Deviation

Average Mean

Average Median

Average Mode

Bailey Borwein Plouffe

Base Neg 2 Conversion

Binary Exponentiation

Binary Multiplication

Binomial Coefficient

Binomial Distribution

Ceil

Chebyshev Distance

Check Polygon

Chudnovsky Algorithm

Collatz Sequence

Combinations

Continued Fraction

Decimal Isolate

Decimal to Fraction

Double Factorial

Entropy

Euclidean Distance

Extended Euclidean Algorithm

Factors

Find Max

Floor

Gamma


Digital Image Processing


Change Brightness

Change Contrast

Convert to Negative

Burkes

Canny

Bilateral Filter

Convolve

Gabor Filter

Gaussian Filter

Laplacian Filter

Local Binary Pattern

Median Filter

Sobel Filter

Histogram Stretch

Index Calculation

Dilation Operation

Erosion Operation

Resize

Rotation

Sepia


Strings


Alternative String Arrange

Anagram

Barcode Validator

Bitap String Match

Camel Case to Snake Case

Capitalize

Check Anagram

Count Vowels

Credit Card Validator

Detecting English Programmatically

Is Srilankan Phone Number

Is Valid Email Address

Join

Levenshtein Distance

Lower

Naive String Search

Ngram

Pig Latin

Prefix Function

Remove Duplicate

Reverse Letters

Reverse Words

Split

Top K Frequent Words

Wave String

Word Patterns

Z Function


Machine Learning


Apriori Algorithm

Automatic Differentiation

Data Transformations

Decision Tree

Dimensionality Reduction

Frequent Pattern Growth

K Means Clust

Linear Regression

Local Wighted Learning

Logistic Regression

Loss Functions

Lstm Prediction


Neural Network


Activation Functions

Binary Step

Exponential Linear Unit

Gaussian Error Unit

Leaky Rectified Linear unit

mish

squareplus

Convultion Neural Network

Simple Neural Network

Two Hidden Layers


Graphs


A Star

Ant Colony Optimization

Breadth First Search

Check Bipatrite

Check Cycle

Connected Components

Finding Fridges



	[image: ]
	 	[image: ]


[image: ]

Introduction 
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This book provides an essential collection of algorithms designed to help you solve a wide range of programming problems. It's perfect for beginners looking to gain key knowledge and improve their skills efficiently. With clear and practical explanations, this book serves as an excellent guide for those just starting their programming journey, offering a solid foundation to help them progress quickly.
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What is an Algorithm?
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An algorithm is essentially a sequence of instructions designed to process one or more inputs, carry out specific computations or manipulations, and then deliver an output or a set of outputs. In essence, algorithms simplify tasks. Whether handling intricate data operations or executing basic calculations, they consistently follow a series of steps to yield a valuable outcome. For instance, consider a basic algorithm: a function that accepts two numbers, computes their sum, and outputs the result.
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Data Structures
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Data structures are specialized formats for organizing, storing, and managing data in a way that enables efficient access and modification. They provide a framework for handling data so that operations like searching, inserting, deleting, or modifying data can be performed effectively. Choosing the right data structure can significantly affect the performance of an algorithm or a program.

Here are some common types of data structures:

	Arrays: A collection of elements, each identified by an index or key, where all elements are stored contiguously in memory.

	Linked Lists: A sequence of elements, where each element points to the next one, allowing for efficient insertions and deletions at any point.

	Stacks: A collection of elements that follows the Last In, First Out (LIFO) principle, where only the top element can be accessed or modified.

	Queues: A collection of elements that follows the First In, First Out (FIFO) principle, where elements are added at the rear and removed from the front.

	Trees: A hierarchical structure where each element (node) has a parent and possibly several children, often used to represent hierarchical relationships.

	Graphs: A collection of nodes (vertices) connected by edges, used to model relationships between objects, such as networks.

	Hash Tables: A data structure that maps keys to values using a hash function, allowing for fast lookups, insertions, and deletions.


Each data structure is suited to specific kinds of tasks, and choosing the right one depends on the nature of the problem you're solving.
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Array
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An array is a data structure consisting of a collection of elements, of same memory size, each identified by at least one array index or key. An array is stored such that the position of each element can be computed from its index tuple by a mathematical formula.
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Equilibrium Index in Array
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The equilibrium index in an array is a position where the sum of elements on the left is equal to the sum of elements on the right. It is useful in various algorithms, particularly in finding balance points in data. The goal is to identify such an index efficiently using a linear time complexity approach.

def find_equilibrium_index(arr):

total_sum = sum(arr)

left_sum = 0

for i, num in enumerate(arr):

right_sum = total_sum - left_sum - num

if left_sum == right_sum:

return i

left_sum += num

return -1  # No equilibrium index found

# Example usage:

arr = [-7, 1, 5, 2, -4, 3, 0]

index = find_equilibrium_index(arr)

print(f'Equilibrium Index: {index}')  

# Output: Equilibrium Index: 3

	The total_sum of the array is calculated.

	As the array is traversed, the current element is used to calculate the right_sum.

	If the left_sum equals the right_sum at any index, that index is the equilibrium index.

	If no equilibrium index is found, -1 is returned.
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Find Triplets with 0 Sum
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The problem is to find all unique triplets in an array that sum to zero. Given an array of integers, the task is to find triplets (three numbers) whose sum is zero. These triplets should be distinct, meaning the same combination of numbers should not appear more than once.

	Sort the array to make it easier to find unique triplets.

	For each element in the array, use two pointers (left and right) to find the remaining two numbers such that their sum with the current element equals zero.

	Skip duplicates to ensure no repeated triplets are added to the result.


def find_triplets_with_zero_sum(arr):

arr.sort()

triplets = []

for i in range(len(arr) - 2):

if i > 0 and arr[i] == arr[i - 1]:

continue

left, right = i + 1, len(arr) - 1

while left < right:

s = arr[i] + arr[left] + arr[right]

if s == 0:

triplets.append([arr[i], arr[left], arr[right]])

left += 1

right -= 1

while left < right and arr[left] == arr[left - 1]: left += 1

while left < right and arr[right] == arr[right + 1]: right -= 1

elif s < 0: left += 1

else: right -= 1

return triplets

# Example usage:

arr = [-1, 0, 1, 2, -1, -4]

print(find_triplets_with_zero_sum(arr))  

# Output: [[-1, -1, 2], [-1, 0, 1]]
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Index 2d Array in 1d
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To access elements of a 2D array using a 1D array index, you can convert the 2D array into a 1D array by flattening it. The goal is to find the 1D index corresponding to any (row, column) of a 2D array. For an array with m rows and n columns, the index for an element at position (i, j) can be computed as:

[image: image]

Where i is the row number, and j is the column number.

def index_2d_to_1d(row, col, num_cols):

return row * num_cols + col

# Example usage:

row, col, num_cols = 2, 3, 4

index = index_2d_to_1d(row, col, num_cols)

print(f'1D index: {index}')  # Output: 1D index: 11

For a 2D array with 4 columns, the element at position (2, 3) corresponds to index 11 in a flattened 1D array.

Example:

2D array:

[

[0,  1,  2,  3],

[4,  5,  6,  7],

[8,  9, 10, 11]

]

Flattened 1D array:

[0, 1, 2, 3, 4, 5, 6, 7, 8, 9, 10, 11]

Element at (2, 3) = 11, which is at index 11 in the 1D array.
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Kth Largest Element
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The task is to find the Kth largest element in an unsorted array. The Kth largest element means the element that would be at position K if the array were sorted in descending order. There are several approaches to solve this, such as sorting the array or using a min-heap.

def kth_largest(arr, k):

return sorted(arr, reverse=True)[k-1]

# Example usage:

arr = [3, 2, 1, 5, 6, 4]

k = 2

print(kth_largest(arr, k))  # Output: 5

  The array is sorted in descending order, and the element at index k-1 is returned.

  For arr = [3, 2, 1, 5, 6, 4] and k = 2, the sorted array is [6, 5, 4, 3, 2, 1]. The 2nd largest element is 5.
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Median Two Array
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The task is to find the median of two sorted arrays. The median is the middle element in a sorted list of numbers. If the total number of elements is even, the median is the average of the two middle elements. The challenge is to solve this problem efficiently in O(log(min(m,n))) time complexity.

def find_median_sorted_arrays(nums1, nums2):

merged = sorted(nums1 + nums2)

n = len(merged)

if n % 2 == 1:

return merged[n // 2]

else:

return (merged[n // 2 - 1] + merged[n // 2]) / 2

# Example usage:

nums1 = [1, 3]

nums2 = [2]

print(find_median_sorted_arrays(nums1, nums2))  # Output: 2.0

  Binary Search: The approach uses binary search on the smaller array (nums1) to find the correct partition.

  Partition: The arrays are partitioned such that the elements on the left side of both partitions are less than or equal to those on the right side.

  Odd or Even Length: If the combined length is odd, the median is the maximum of the left partitions. If it's even, the median is the average of the maximum element from the left and the minimum element from the right.
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Monotonic Array
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An array is said to be monotonic if it is either entirely non-increasing or non-decreasing. Your task is to determine whether a given array is monotonic. That means the array is either sorted in increasing order or decreasing order, or all the elements are equal.

def is_monotonic(arr):

increasing = decreasing = True

for i in range(1, len(arr)):

if arr[i] > arr[i - 1]:

decreasing = False

if arr[i] < arr[i - 1]:

increasing = False

return increasing or decreasing

# Example usage:

arr = [1, 2, 2, 3]

print(is_monotonic(arr))  # Output: True

arr = [6, 5, 4, 4]

print(is_monotonic(arr))  # Output: True

arr = [1, 3, 2]

print(is_monotonic(arr))  # Output: False

  We track two flags: increasing and decreasing.

  Traverse through the array and update the flags based on whether the current element is larger or smaller than the previous one.

  If the array is entirely increasing or decreasing, one of the flags will remain True.

  If both flags are False, the array is neither increasing nor decreasing.
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Pairs with Given Sum
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The task is to find all pairs of elements in an array that sum up to a given target. Each pair should only be listed once. The challenge can be solved using different approaches, such as using a hash set to store the required values for the sum or sorting the array and using the two-pointer technique.

def find_pairs_with_sum(arr, target):

seen = set()

pairs = []

for num in arr:

diff = target - num

if diff in seen:

pairs.append((diff, num))

seen.add(num)

return pairs

# Example usage:

arr = [1, 5, 7, -1, 5]

target = 6

print(find_pairs_with_sum(arr, target))  # Output: [(1, 5), (7, -1), (1, 5)]

  We use a set seen to store the numbers we've already encountered.

  For each element in the array, we calculate its complement (i.e., target - num). If this complement is already in the set, we've found a pair that sums to the target.

  The time complexity is O(n) because each element is processed only once.
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Permutations
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The task is to generate all possible permutations of a given array. A permutation is an arrangement of all the elements in a specific order. The challenge is often approached using recursion or iterative methods to ensure all combinations are explored.

def permute(nums):

def backtrack(start):

if start == len(nums):

permutations.append(nums[:])  # Add a copy of the current permutation

return

for i in range(start, len(nums)):

nums[start], nums[i] = nums[i], nums[start]  # Swap

backtrack(start + 1)

nums[start], nums[i] = nums[i], nums[start]  # Backtrack (swap back)

permutations = []

backtrack(0)

return permutations

# Example usage:

arr = [1, 2, 3]

print(permute(arr))  

# Output: [[1, 2, 3], [1, 3, 2], [2, 1, 3], [2, 3, 1], [3, 1, 2], [3, 2, 1]]

	The backtrack function is called recursively, swapping elements to create different arrangements.

	When the starting index reaches the length of the array, the current permutation is added to the result list.

	After exploring one possibility, we swap back to restore the original order for the next iteration (backtracking).
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Prefix Sum
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The prefix sum array is a derived array that allows you to quickly calculate the sum of elements in a specific range of the original array. The prefix sum at index i represents the sum of all elements from the start of the array up to index i. This is useful for efficiently querying the sum of subarrays.

def prefix_sum(arr):

prefix = [0] * (len(arr) + 1)

for i in range(len(arr)):

prefix[i + 1] = prefix[i] + arr[i]

return prefix

# Example usage:

arr = [1, 2, 3, 4, 5]

prefix = prefix_sum(arr)

print(prefix)  # Output: [0, 1, 3, 6, 10, 15]

  A new array prefix is initialized with a length of len(arr) + 1 to include the initial sum of zero.

  Iterate through the original array, adding each element to the cumulative sum stored at prefix[i + 1].

  The value at prefix[i + 1] gives the sum of elements from index 0 to i.
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Product Sum
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The product sum of an array is a variation of the sum where you multiply each element of the array by its depth level. If the element is an integer, its contribution to the product sum is simply the integer multiplied by its depth. If the element is an array, you recursively calculate its product sum by increasing the depth.

def product_sum(arr, depth=1):

total = 0

for elem in arr:

if isinstance(elem, list):

total += product_sum(elem, depth + 1)  # Recurse for nested arrays

else:

total += elem

return total * depth

# Example usage:

arr = [1, 2, [3, 4, [5]], 5]

result = product_sum(arr)

print(result)  # Output: 43

  The function product_sum takes an array and an optional depth parameter (defaulting to 1).

  It initializes a total sum and iterates through each element in the array.

  If the element is a list, the function recursively calls itself, increasing the depth by 1.

  If the element is an integer, it is added to the total.

  Finally, the total is multiplied by the depth to account for the product sum contribution.
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Sparse Table
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A Sparse Table is a data structure that enables efficient querying of the minimum or maximum in a static array over a range of indices. It preprocesses the data in O(n log n) time, allowing queries to be answered in O(1) time. Sparse Tables are particularly effective for immutable arrays where the range queries are frequent but updates are rare.

import math

class SparseTable:

def __init__(self, arr):

self.n = len(arr)

self.log = math.ceil(math.log2(self.n)) + 1

self.table = [[0] * self.log for _ in range(self.n)]

# Initialize the first column of the table

for i in range(self.n):

self.table[i][0] = arr[i]

# Build the Sparse Table

for j in range(1, self.log):

for i in range(self.n - (1 << j) + 1):

self.table[i][j] = min(self.table[i][j - 1], self.table[i + (1 << (j - 1))][j - 1])

def range_min_query(self, left, right):

j = int(math.log2(right - left + 1))

return min(self.table[left][j], self.table[right - (1 << j) + 1][j])

# Example usage:

arr = [1, 3, 2, 7, 9, 11]

sparse_table = SparseTable(arr)

# Range minimum query from index 1 to 4

result = sparse_table.range_min_query(1, 4)

print(result)  # Output: 2

	[image: ]
	 	[image: ]


[image: ]

Binary Tree
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A Binary Tree is a hierarchical data structure in which each node has at most two children, referred to as the left and right children. Binary trees are fundamental in computer science for various applications, including search trees, heaps, and expression parsing.
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AVL Tree
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An AVL Tree is a self-balancing binary search tree where the difference in heights between the left and right subtrees (the balance factor) is at most one for all nodes. This balancing ensures that the tree remains approximately balanced, leading to O(log n) time complexity for insertions, deletions, and lookups.

class TreeNode:

def __init__(self, value):

self.value, self.left, self.right, self.height = value, None, None, 1

class AVLTree:

def insert(self, root, value):

if not root:

return TreeNode(value)

if value < root.value:

root.left = self.insert(root.left, value)

else:

root.right = self.insert(root.right, value)

root.height = 1 + max(self.get_height(root.left), self.get_height(root.right))

return self.balance(root)

def balance(self, node):

if (b := self.get_balance(node)) > 1:

return self.rotate_right(node) if self.get_balance(node.left) >= 0 else self.rotate_right(node.left)

if b < -1:

return self.rotate_left(node) if self.get_balance(node.right) <= 0 else self.rotate_left(node.right)

return node

def rotate_left(self, z):

y = z.right

z.right, y.left = y.left, z

z.height = 1 + max(self.get_height(z.left), self.get_height(z.right))

y.height = 1 + max(self.get_height(y.left), self.get_height(y.right))

return y

def rotate_right(self, z):

y = z.left

z.left, y.right = y.right, z

z.height = 1 + max(self.get_height(z.left), self.get_height(z.right))

y.height = 1 + max(self.get_height(y.left), self.get_height(y.right))

return y

def get_height(self, node):

return node.height if node else 0

def get_balance(self, node):

return self.get_height(node.left) - self.get_height(node.right)

def inorder_traversal(self, node):

return self.inorder_traversal(node.left) + [node.value] + self.inorder_traversal(node.right) if node else []

# Example usage:

avl_tree, root = AVLTree(), None

for value in [10, 20, 30, 40, 50, 25]:

root = avl_tree.insert(root, value)

print(avl_tree.inorder_traversal(root))  

# Output: [10, 20, 25, 30, 40, 50]
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Binary Search Recursive
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Recursive Binary Search is a method to efficiently find an element in a sorted array. By repeatedly dividing the search interval in half, it reduces the time complexity to O(log n). If the value is found, its index is returned; otherwise, the search continues until the element is not found.

def binary_search(arr, target, left, right):

if left > right:

return -1  # Target not found

mid = left + (right - left) // 2

if arr[mid] == target:

return mid  # Target found

return binary_search(arr, target, left, mid - 1) if target < arr[mid] else binary_search(arr, target, mid + 1, right)

# Example usage:

arr = [1, 2, 3, 4, 5, 6, 7, 8, 9, 10]

target = 7

result = binary_search(arr, target, 0, len(arr) - 1)

print(result)  # Output: 6 (index of target)

binary_search Function:

	Takes an array (arr), a target value, and the current bounds (left, right) as input.

	Base case checks if the current bounds are valid (left ≤ right).

	Calculates the midpoint (mid), checks if it's equal to the target, and returns its index if found.

	Recursively searches in the left or right half based on the comparison.
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Binary Tree Mirror
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A binary tree mirror transformation creates a mirror image of the tree. This involves swapping the left and right children of each node recursively, resulting in a tree that reflects the original structure across its vertical axis.

class TreeNode:

def __init__(self, value):

self.value, self.left, self.right = value, None, None

class BinaryTree:

def mirror(self, node):

if node:

node.left, node.right = node.right, node.left  # Swap children

self.mirror(node.left)  # Mirror left subtree

self.mirror(node.right)  # Mirror right subtree

def inorder_traversal(self, node):

return self.inorder_traversal(node.left) + [node.value] + self.inorder_traversal(node.right) if node else []

# Example usage:

root = TreeNode(1)

root.left, root.right = TreeNode(2), TreeNode(3)

root.left.left, root.left.right = TreeNode(4), TreeNode(5)

tree = BinaryTree()

print("Inorder before mirroring:", tree.inorder_traversal(root))  

# Output: [4, 2, 5, 1, 3]

tree.mirror(root)

print("Inorder after mirroring:", tree.inorder_traversal(root))  

# Output: [3, 1, 5, 2, 4]
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Binary Node Sum
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The Binary Tree Node Sum operation calculates the sum of all the node values in a binary tree. This can be done using a recursive approach, where the sum of each node is obtained by adding its value to the sums of its left and right subtrees.

class TreeNode:

def __init__(self, value):

self.value, self.left, self.right = value, None, None

class BinaryTree:

def sum_nodes(self, node):

if not node:

return 0  # Base case: return 0 if the node is None

return node.value + self.sum_nodes(node.left) + self.sum_nodes(node.right)  # Recursive sum

# Example usage:

root = TreeNode(1)

root.left, root.right = TreeNode(2), TreeNode(3)

root.left.left, root.left.right = TreeNode(4), TreeNode(5)

tree = BinaryTree()

total_sum = tree.sum_nodes(root)

print(total_sum)  # Output: 15 (1 + 2 + 3 + 4 + 5)

  TreeNode Class: Represents each node in the binary tree, holding a value and pointers to its left and right children.

  BinaryTree Class: sum_nodes method recursively computes the sum of node values. It returns 0 for null nodes and adds the current node's value to the sums of its left and right children.
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Binary Path Sum
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The Binary Tree Path Sum operation checks if there exists a path from the root to any leaf node such that the sum of the values along the path equals a specified target sum. This can be achieved through a depth-first search (DFS) approach, recursively subtracting the node values from the target as you traverse down the tree.

class TreeNode:

def __init__(self, value):

self.value, self.left, self.right = value, None, None

class BinaryTree:

def has_path_sum(self, node, target):

if not node:

return target == 0  # Base case: check if target is achieved

target -= node.value  # Subtract the current node's value

# Check both left and right subtrees

return self.has_path_sum(node.left, target) or self.has_path_sum(node.right, target)

# Example usage:

root = TreeNode(5)

root.left, root.right = TreeNode(4), TreeNode(8)

root.left.left, root.left.right = TreeNode(11), TreeNode(2)

root.right.left, root.right.right = TreeNode(13), TreeNode(4)

tree = BinaryTree()

target_sum = 22

result = tree.has_path_sum(root, target_sum)

print(result)  # Output: True (5 -> 4 -> 11 -> 2)
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