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From Capability to Consequence: Who Decides What the Machines Make of Us

The first wave of this trilogy asked what AI could do for us. The second asked what it was becoming: an actor with memory, goals, possibly an inner life, and a habit of behaving differently when unobserved. This third volume asks the question that remains once those answers are even partly in hand: what kind of world forms around systems like these, and who will be answerable for it?

Notice the verbs in the chapters that follow. A traveller's ticket is cancelled by software and the record of it vanishes. A hosted model is quietly replaced overnight and the evidence of what it used to do is deleted. A quantum machine returns three different portfolios from one set of inputs, and the only instrument that could judge between them belongs to the vendor. A satellite archive settles a fifteen-year boundary dispute in eleven minutes. A device on a stool in a Bhojpuri-speaking village decides what an eighty-two-year-old's fall is worth. In most of these scenes the technology does exactly what it was designed to do. What has gone missing is the human machinery around it: the right expert, the contract, the archive, the auditor, the appeal, the statute.

That is the thread through all twelve chapters. The Final Wave is not a wave of capability. It is a wave of consequence, and its defining problem is institutional. Each author, working in a different domain and a different register, names a gap: the human premium, the silent downgrade, the calibration trust gap, the sovereignty gap, the empathic sovereignty gap. Each gap is the distance between what a system can now do and what society has built to contest, verify or remedy it. Read together, they form a map of the institutions we do not yet have.

A note on method

The original intent of this trilogy was to venture where the literature is thin. Many of these subjects have a handful of sources, and some have none beyond adjacent fields. We took that as a feature and imposed a discipline in exchange. Throughout the volume you will find:

	Scenario horizons rather than forecasts. The 2030 travel desk, the 2040–2055 post-human governance era, the 2045 and 2050 forks are labelled as scenarios. They are instruments for thinking, not predictions.

	Named conditions and disconfirming tests. Two chapters (Old Before Rich and Who Owns the Ground Truth?) state the date by which, and the evidence under which, their own argument would be shown wrong. We encouraged this and regard it as the most honest form of foresight.

	Fiction with a job to do. The vignettes (the vanished ticket, the midnight failure, the Tuesday that did not match Monday, the eleven-minute dispute) are composites and imagined cases, written to make an institutional gap visible. Where a chapter rests on a real case, a cited study or an actual regulation, the references say so.

	Proposals, not guarantees. Frameworks such as the Sovereignty Stack, Capability Escrow, HFROI and the Algorithmic Commons are offered as design hypotheses for testing. None has been validated in deployment, and the authors say so.


Readers should hold the volume to the standard it sets itself: ask of every chapter what it claims, what it assumes and what would change its mind.

How the book is arranged

The chapters fall into three movements.

	What Becomes Scarce. When routine intelligence is abundant, value moves. The Human Premium follows a student's vanished airline ticket to a three-tier future in which expert human judgment is priced. The Age of Cognitive Abundance asks who will benefit when explanation, translation and synthesis become cheap, and warns that universal access in name can coexist with unequal intelligence in practice. From Wealth to Well-Being and From Survival to Purpose take the economic and philosophical consequence to its end: if scarcity recedes, money, GDP and employment are inadequate measures of a good life, and the question becomes what a civilization is for.

	Who Holds the Evidence. Trust in a system is only as strong as the record that lets you check it. The Silent Downgrade shows how hosted models change beneath a fixed endpoint and leave customers, courts and insurers without a baseline, and proposes capability continuity as the missing contract. The Calibration Trust Gap finds the same structure in quantum computing, where the machine drifts, the vendor reports on itself and the answer cannot be cheaply checked. Who Owns the Ground Truth? traces the migration of verification from surveyors and adjusters to whoever owns the Earth's memory. Self-Repairing AI Agents closes the movement at the scale of a single workflow, asking how a system can detect a stale assumption, contain its effects and prove that its repair worked.

	Who Governs the Commons. The last four chapters ask who rules once autonomy, scale and intimacy outrun human review. The Sovereignty Gap proposes a four-layer stack for agent-to-agent governance across jurisdictions. Old Before Rich sets the question in India, where population ageing, a care-worker shortage and AI arrive together before national wealth. The Algorithmic Commons argues for shared protocols that govern agent behaviour at runtime without exposing proprietary logic. The Empathic Sovereignty Gap turns inward, to the right to govern one's own emotional life when machines offer to feel on our behalf.


What the reader should carry away

Three convictions recur across authors who did not coordinate their conclusions.

	Expertise, evidence and accountability are the scarce goods. Intelligence is becoming cheap. The ability to doubt a record, reconstruct what happened and own the outcome is not.

	Defaults harden. Almost every chapter describes a fork in which the unchosen path, whether metered verification, tiered care, captured registries or fragmented silos, is the one that wins by inertia. The windows for choosing are described as narrow and closing.

	Humans move up the stack; they do not leave it. In nearly every scenario people cease to be operators of each transaction and become designers of mandates, standards, appeals and values. That elevation is not automatic. It has to be built, funded and staffed before the first failure that reveals the need.


The Final Wave will not be decided by how intelligent our machines become. It will be decided by whether the institutions around them, the experts, contracts, archives, auditors and commons, exist when they are needed.

"A system that cannot be questioned is not intelligent enough to be trusted, and not humble enough to be governed."

This book is dedicated to

our parents, teachers and all those

who influence and support

our journeys as life-long learners.
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A mother, on the other side of the world, watches her daughter's airline ticket disappear into a system where everyone is kind and no one can help. Nothing breaks. No one is cruel. And still, a young woman is left stranded.

Most of us have lived some version of that moment. We have waited on hold, been passed from one desk to the next, and received a polite email that answered nothing. Advances Using AI – The Final Wave asks what happens when that experience stops being the exception, and the desk on the other end never gets tired.

We have walked alongside Dr. Vanamali Somanchi since his doctoral days at Golden Gate University Worldwide, and we were there when this collaborative journey began with The Next Wave. The first book asked what AI could do for us. The Second Wave asked what AI was becoming. This final volume asks the question that remains once those answers are even partly in hand: who will be answerable for the world these systems create? Eight authors take that question into twelve very different places. A hosted model is quietly replaced overnight. A satellite archive settles a fifteen-year land dispute in eleven minutes. A small device in a Bhojpuri-speaking village decides what an eighty-two-year-old's fall is worth. In most of these stories, the technology does exactly what it was designed to do. What goes missing is everything around it: the expert, the contract, the archive, the appeal.

That insight speaks to both of us. One of us has spent a career moving between universities, development banks, and government commissions, and has learned that institutions rarely fail with a crash. They fail quietly, one reasonable step at a time, as each desk does its small job well and no one reads the whole file. The other has spent years guiding doctoral candidates who arrive with decades of practice and learn to turn that experience into evidence. Both of us recognized this book immediately. It names a pattern we have seen many times, and it does so with more clarity than most policy papers we have read.

It also offers something more hopeful than a warning. As machines take over routine work, the authors argue, people do not leave the system. They move up, from handling each transaction to designing the standards, appeals, and values that govern it. But that shift does not happen on its own. It has to be built, funded, and staffed before the first failure shows us why we needed it.

What we admire most is the honesty of the work. The authors call their scenarios. They say what they are assuming. Two chapters even name the date and the evidence that would prove their own argument wrong. As educators, we spend a great deal of time teaching that the strongest thinkers are the ones willing to be corrected. It is a joy to see that lesson practiced so openly by people writing about the future.

At GGU Worldwide, these questions are not abstract. We are bringing AI into how we teach and how we reach learners across Asia, Africa, and beyond, and we ask ourselves often who is being served and who might be left behind. One line from this book now sits close to that work: the future does not arrive as a decision; it arrives as a default, unless someone has built the alternative first. That is a quiet but urgent call to leaders, policymakers, and educators to choose while choosing is still possible.

We thank Dr. Vanamali for carrying this trilogy from its first page to its last, and we congratulate the eight authors who poured so much of their experience into it. The book closes by inviting readers to disagree with its proposals, improve them, or design better ones. We hope you accept that invitation. The horizon, as the editor reminds us, is not a destination. It is a line we keep walking toward. May this book help all of us make sure the ground beneath our feet has been built to hold.

Professor Joaquin Jay Gonzalez III, PhD
Vice Provost for Global Education
Founding Dean, GGU Worldwide
Golden Gate University

Professor Mickey P. McGee, DPA
Associate Dean, GGU Worldwide
Director, Doctor of Business Administration Program
Golden Gate University
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View from the Horizon Line: Closing the Trilogy

Every trilogy has a last act in which the story leaves the machine and enters the world.

The first volume of this series described a toolkit. It was a good one, and it made us feel that we were in charge. The second described the toolkit turning to face us: agents with memory, preferences and the capacity to behave strategically, and the first honest attempts to ask what they might be. This third volume is about what happens when millions of such agents, along with the people who depend on them, meet institutions that were built for a slower and simpler world.

Three images ran through the manuscripts as they came in, and they became the unofficial organizing metaphors of the book.

	The ledger that no one can read. A cancelled ticket, a retired model, a quantum run, a satellite archive: each chapter turns on a record. Who writes it? Who can inspect it? How long does it last? Who is permitted to say it is wrong? For centuries the answers lived in people and institutions, such as the registrar, the notary, the loss adjuster, the independent auditor, the judge. The Final Wave moves the record into infrastructure, and the old answers do not move with it.

	The desk that passes the file along. Several authors, working apart, used almost the same picture: an office in which each desk does its small job well and no one reads the whole file. It is how a deadline became a customer cancellation, how a conditional visa finding became a confirmed itinerary, how a dispatch instruction outlived the permission that justified it. The faults in these stories are rarely stupid or malicious. They are reasonable at every step, which is exactly what makes them hard to catch.

	The gap. Sovereignty gap. Calibration trust gap. Empathic sovereignty gap. Human premium. Silent downgrade. These phrases name the distance between what a system now does and what society has built to hold it to account, and they repeat across chapters because the problem repeats. We chose to leave the vocabulary varied rather than flatten it into one framework. A reader who finishes the book will find the same shape in a travel desk, a trading floor, a hospital triage queue, a village panchayat and a teenager's earbud.


What this book is, and is not

This volume is a work of structured speculation. Its contributors are practitioners, executives, educators, researchers and regulators who have spent years inside these systems. They have been asked to reason forward into territory where the evidence is thin, to say what they are assuming, and to say how they might be wrong. Some chapters are narrative, some are frameworks, and one is a dialogue spread across a week of ordinary life. The common discipline is clarity about which parts are evidence and which are imagination.

It is not a prediction. Dates such as 2030, 2040, 2045 and 2050 are scenario horizons. The institutions proposed here, from capability escrows to sovereignty stacks to care rails to algorithmic commons, are offered as hypotheses worth testing while the cost of testing them is low. Where a chapter relies on a real study, statute or case, we have tried to keep that boundary visible.

It is also not a counsel of dread or of cheer. The authors are neither utopians nor doomsayers. They share the view that the decisive variable is not the technology but the order in which we build the things around it: the evidence before the dependence, the appeal before the denial, the commons before the crash.

A word about the chapter you will read first

The book opens with a mother watching, from the other side of the world, as her daughter's ticket disappears into a system where everyone is kind and no one can help. That opening is deliberate. Nothing in the Final Wave requires a hostile machine or a villain, and the most consequential failures described here take place in the polite voice of a no-reply email. If there is a single sentence to carry into the book, it is in that first chapter: human contact does not necessarily mean human expertise. The rest of the volume asks what it would take to supply the second without relying on luck for the first.

Dear Reader, you are invited to disagree with the proposals, to improve them and to design better ones. The authors would count that as success. The horizon is not a destination. It is a line we keep walking toward, and what matters is whether the ground beneath us has been built to hold.

"The future does not arrive as a decision. It arrives as a default, unless someone has built the alternative first."
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By Jaya Mahajanam

The Ticket That Vanished

In March one year, my daughter, an undergraduate student in Philadelphia, booked a round-trip home to Hyderabad directly on a popular airline's website. The itinerary was Philadelphia to Frankfurt, Frankfurt to Mumbai, and a last short hop from Mumbai to Hyderabad on a partner domestic airline, with a similar return journey a month later. The tickets for both journeys came through, the payment cleared, and none of us gave it another thought.

Two weeks later, an email arrived for my daughter from a no-reply address. The partner airline had cancelled the Mumbai–Hyderabad leg. She was asked to call a listed number to sort out her options.

She called. Then she called again. Most of the time the line was busy. When she finally got through, an agent promised that someone would call her back. Nobody did.

It was midterm season. She tried a few more times, set it aside for a few days, meant to try again, and didn't. It was the very human delay that sets in when a problem feels stuck in a queue rather than on fire. The first email had mentioned a deadline to respond. She missed it.

A second no-reply email followed. Because she had not rebooked that one short domestic leg, the airline had cancelled her entire itinerary. The whole ticket was gone, and there would be no refund.

When she went online to look at her booking, the reference number had disappeared. Not marked as cancelled, simply gone. The airline, it turned out, removes cancelled bookings from its online tracking after twenty-four hours. The chatbot on the airline's website sent her back to the call center. The call center agent could no longer find any record that her reservation had ever existed.

She tried the money side next. In the United States, if you pay by card and do not get what you paid for, you can ask the bank that issued the card to reverse the charge. So, she filed a claim online on the bank's website. She followed it up by walking into the branch on her university campus to talk to someone face to face. The staff were patient and genuinely wanted to help. But nobody could hold the whole picture at once: the cancelled leg, the deadline nobody had made clear, the booking that no longer existed. Every visit meant starting the story again from the beginning.

Watching from the other side of the world, what struck me most was how reasonable everyone was. My daughter was not up against a hostile system. The emails were polite. The phone agents followed their scripts. The branch staff were kind. And yet, seven months later, nothing had moved: not the money, not the case, not even the record that the ticket had ever existed.

I can only guess at what happened behind the scenes, but the guess is not hard to make. Somewhere in the airline's software, the passing of that deadline was most likely recorded as a customer-initiated cancellation instead of an airline-initiated one, which made her ineligible for a refund. From that moment on, everyone who looked at her case saw the same neat summary on their screen, cancelled by customer, and repeated it. The computer had made her history easy to see, and in doing so it had made its own first mistake look official. No one asked the one question that mattered: why was this ticket cancelled in the first place?

My daughter did not lack technology, and she did not lack AI chatbots or people to talk to. She had plenty of both. What she lacked was one person who knew enough about airline rules to see how a partner airline's schedule change had turned into a total loss for a student, and who had the authority to fix it. Her experience comes down to one sentence that I will return to more than once:

“Human contact does not necessarily mean human expertise”

Most of the time, none of us need a person at all. We book tickets, move money, renew policies and recharge phones without speaking to anyone, and we are happy to. We go looking for a human only when something is unusual, complicated or high stakes. And most of us know the frustration of finally reaching someone, only to find they can do little more than read from the same screen we have already seen.

This matters most in everyday customer service: banks, insurers, card companies, telecom providers and travel bookings. I leave aside professional services such as lawyers and doctors, where people already pay for expertise, and hands-on trades such as plumbing, where the value lies in the skill of the hands.

Over the next few years, artificial intelligence will take on far more than answering our routine questions. It will make decisions and act on them. That makes the moments when we need a real expert rarer, and far more important. What follows asks what happens to those moments. When AI becomes the default source of everyday answers, how will companies decide who gets to reach genuine human judgment, and will they start to charge for it?

The Quiet Takeover

Think about the last time you blocked a lost card, downloaded a payment app or recharged a phone or even purchased an e-sim on your visit to a new country. Chances are you did not speak to anyone. Customer service has already shifted from human-first to machine-first, and for routine matters most of us prefer it that way. The same kind of automation issued my daughter's ticket without a hitch, two weeks before anything went wrong. Automation is not the villain of this story.

What is changing now is what these machines are allowed to do.

Recall Lemonade, a digital first-insurance company that uses AI for claims settlement, created a “first of its kind” in 2016 by settling $979 claim on lost luxury parka in just 3 seconds with zero paperwork. Lemonade's claims software, which the company calls AI Jim, reviewed the claim, checked it against the policy, ran 18- fraud checks, approved it and sent payment instructions to the bank in these 3 seconds. What was a novelty then is quickly becoming normal. Insurers, banks and card companies increasingly let software approve claims, freeze cards and reverse charges for straightforward cases, with little or no human review. In India, one of the country's largest telecom operators has replaced a single chatbot with several specialized AI assistants, one for billing, one for usage, one for setting up services and so on, that work together to answer customers' questions3.

This is the real shift. Yesterday's chatbot answered a question. Today's systems, which the industry calls agentic AI, are teams of AI "agents," each with one job, that together make a decision and carry it out. One talks to the customer. One looks up the account. One interprets the rules. One checks the answer. One takes the action: the refund, the rebooking, the claim payment.

A useful way to picture it is an office in which a customer's file passes from desk to desk. Each desk does its own small job well and passes the file on. The customer sees only the final reply. What nobody does, quite often, is read the whole file.

For most of what we ask, this is a genuine improvement. It is fast, it never sleeps, and it can serve hundreds of millions of people at once, something no team of humans could ever do. When things are routine, the office of desks works beautifully.

But my daughter's case was not routine. And it raises a question the office of desks was never designed to answer. If one desk passes on a mistake, who notices? And what happens when all the desks agree with each other?

When Machines Agree with Each Other

In November 2022, a gentleman named Jake Moffatt's grandmother died, and he needed to fly to her funeral to Canada. On Air Canada's website, he asked the airline's chatbot about bereavement fares, the discounts some airlines offer to people traveling because a close relative has died. The chatbot told him he could buy a full-price ticket now and claim the discounted bereavement fare afterwards. He did exactly that. Air Canada then refused the refund: its actual policy, it said, did not allow bereavement fares to be claimed after travel.

When Moffatt took the airline to a small-claims tribunal in British Columbia, a body that settles minor disputes, Air Canada made a remarkable argument. The chatbot, it suggested, was a separate legal entity responsible for its own actions. The tribunal rejected this firmly. The chatbot was part of Air Canada's website, and Air Canada was responsible for everything on it.

It was a small case, worth a few hundred dollars, but it captures something important. When a machine gets it wrong, a company's first instinct can be to treat the machine's word as somebody else's problem, and the customer is left to prove that the machine was wrong.

The problem is not limited to airlines. When the US Consumer Financial Protection Bureau examined the chatbots banks use, it found that they often failed to recognize when a customer was trying to dispute a charge and often left customers unable to reach a human at all5. That is close to a description of my daughter's experience.

A single AI chatbot's mistakes are at least easy to see: the wrong answer is right there in the conversation. Teams of AI agents fail more quietly. One team of computer scientists studied more than a thousand test runs of such systems and sorted the ways they went wrong4. Some failures came from poor design, others from agents misunderstanding each other. But one of the largest groups was something any office worker would recognize: the agent whose job was to check the work simply approved it. The checker signed without really checking.

A second study found that even researchers using purpose-built tools could identify which agent had caused a failure barely half the time, and the exact step where it went wrong far less often. If specialists with dedicated tools struggle to trace the mistake, a call center agent looking at a summary has little chance.

Think of the children's game of telephone, in which a message is whispered from one person to the next. Each person passes on what they heard, more or less faithfully, and by the end the message has become something nobody actually said. Teams of AI agents can play the same game. Each agent does something reasonable with what it was given, and the final record looks authoritative precisely because several systems agreed on it.

That is what happened to my daughter. A missed deadline became a customer cancellation. A customer cancellation became a closed case. A closed case became a booking that no longer existed. Every step made sense on its own. And every human who came later, the phone agents and the branch staff, was checking a conclusion the machines had already agreed on rather than the evidence underneath it. Questioning a record that every system has already treated as settled takes something rarer than a willingness to help. It takes expertise, and the authority to act on it.

More humans in the loop had not helped her, because none of them was the right human. So, what does the right human actually look like?

The Right Human

For months, I kept wondering what a case like hers would look like a few years from now, when AI agents run not just the summaries but the whole service. Here is the scenario I keep coming back to. It is imagined, but every piece of it is within reach of today's technology.

The year is 2030. VoyageOne is a global company that manages business travel, a market leader for two decades and an early, enthusiastic investor in AI. Over five years, it has replaced most of its traditional travel desk with an AI workforce called Journey. Journey is not a chatbot but a team of specialist agents, each with a name and a job. Agent Scout searches flights. Agent Fare reads ticketing rules. Agent Stay handles hotels. Agent Visa checks immigration requirements. Agent Connect checks whether layovers are workable. Agent Policy checks the client company's travel rules. Agent Change manages rebooking. Agent Communicator talks to travelers. And Agent Juno, the coordinator, gathers everyone's answers and acts on them. For routine travel, it is extraordinary. Figure 1 shows how the agents in VoyageOne's system work together.

[image: ]

Figure 1. VoyageOne's "office of desks": Agent Juno coordinates a team of specialist AI agents, with human staff behind them for cases that need escalating.

Daniel Okafor, a regular traveler, is flying from Mumbai to Chicago via Frankfurt. Two days before departure, his Frankfurt–Chicago flight is cancelled. Journey quickly finds an alternative: Frankfurt to Toronto to Chicago, with a three-hour connection, a valid fare and within company policy. Every check on the screen shows green.

There is one problem. Daniel's passport and visa do not allow him to pass through Canada on that route. Agent Visa never said he was eligible. It said transit was possible, subject to certain conditions. Agent Juno shortened that to "traveler eligible for transit." Agent Communicator shortened it further, to "your new itinerary is confirmed." Daniel accepted. At Frankfurt, the airline checked his documents and refused to let him board. Figure 2 traces how the mistake traveled through the system.

[image: ]

Figure 2. How the mistake traveled: "possible, subject to conditions" from Agent Visa became "eligible" at Agent Juno and "confirmed" by the time it reached Daniel. It is the game of telephone, played by machines.

Daniel called VoyageOne. A junior travel-desk employee saw a screen full of green checks (ticket confirmed, connection valid, visa passed, policy compliant) and did what the system suggested: she searched for another flight. In doing so, the system quietly recorded the airline's cancellation as Daniel's own voluntary change, creating a ticketing problem, and a question of who should pay for it, on top of the original one. It is a pattern my daughter would recognize.

The case finally reached Elena Marsh, VoyageOne's head of travel disruption and a veteran of airline ticketing, agreements between airlines, immigration rules, denied boarding and passenger rights. She did not search for a flight. She asked why the record showed this as a voluntary change.

"The passenger accepted the new itinerary," the junior employee said.

"Did he request it?"

"No."

"Who changed it?"

"The AI."

"Then it isn't voluntary."

That one distinction unlocked everything. Marsh traced the chain back. Agent Scout had found a real flight. Agent Connect had confirmed the layover was workable. Agent Fare had confirmed the ticket could be issued. Agent Visa had flagged a conditional route. Agent Policy had approved the cost. And Agent Juno had fused all of it into a single false certainty: this passenger can travel on this itinerary. No agent had actually checked that.

Marsh froze the automated process, restored the original ticket, called the airline's disruption desk, invoked the rules that protect passengers whose flights an airline changes, and rebuilt the booking piece by piece. Daniel reached Chicago.

VoyageOne believed it had built a system with a human in the loop. In truth, it had built a system with a human somewhere in the loop: one perfectly able to follow the process, and unable to see that the process itself had gone wrong. The junior employee was not the failure in this story. She did exactly what a competent, attentive person does: she read the record, trusted the system's checks and acted on them. The failure was the company's assumption that any human was the same as the right human.

It helps to pull apart what we mean when we say we want "a human." There are at least six different things hiding in that word:

	Contact: a person can be reached at all.

	Attention: that person engages with your case rather than reciting a script.

	Expertise: that person knows enough to recognize when something is wrong, not just when the system flags it.

	Authority: that person can approve an exception or overturn the system's decision, not merely explain it.

	Accountability: that person, and the organization behind them, owns the consequences.

	Ownership: that person carries the case through to the end rather than handing it to the next queue.


Journey's original design delivered the first two reliably and none of the other four. My daughter, too, had plenty of contact and a good deal of attention. Marsh's intervention worked because she brought all six. Put simply: contact without authority is theater, and attention without expertise is sympathy. What Daniel received, once the right expert was reached, was something no amount of politeness could supply: the probability that a complex matter would be understood correctly and resolved successfully. That is not a property of contact. It is a property of expertise, joined to authority and backed by accountability.

But Elena Marsh exists only in my imagined 2030. How many companies have one today, and how would someone like my daughter ever reach her?

Where Will the Elenas Come From?

If people like Elena Marsh are what complex cases need, the obvious question is where they will come from, and how an ordinary customer like my daughter, will reach them. There is no single answer. Lawmakers, companies, insurers and entirely new kinds of businesses are all beginning to respond, and several approaches may exist side by side. Four of them are worth testing against my daughter's case.

A guaranteed right to a human

The most direct answer is for the law to require it. For certain kinds of decisions, such as those involving serious financial harm, safety or access to essential services, a person with real authority would have to be able to review the machine's decision and, if needed, overturn it. Europe has already moved in this direction. Its AI Act requires high-risk automated systems to be designed so that people can oversee them, understand what they are doing, and override or reverse their decisions.

Would this have helped my daughter? Possibly, but her case also shows the limits of law. Her journey crossed the United States, Germany and India. Her money sat with an American bank. The decision that cost her the ticket was made inside an airline's software. Several sets of rules could plausibly have applied, and none of them came with a person she could actually call. Seven months in, no regulator anywhere had stepped in. More law had not meant more help.

A named person who answers for the AI

Many large companies have created a senior role, often called a Chief AI Officer, responsible for how the company's AI systems behave and what happens when they go wrong. In principle, this is exactly what my daughter needed: someone with the authority to look at a wrongly recorded cancellation and reverse it. In practice, the question is whether such a role is a seat of real authority, reachable when a case is stuck, or mainly a title that produces a report after the event saying the system worked as designed. A senior executive who never sees an individual case would not have found her ticket.

Insurance against AI mistakes

A new market has appeared for insurance that pays out when a company's AI gets something wrong. In 2025, for example, a specialist insurer launched a policy backed by an underwriter at Lloyd's of London, the centuries-old insurance marketplace, covering losses when an AI system produces serious errors or simply does not perform as intended1. Before they agree to cover a company, insurers ask hard questions about human oversight, about limits on what the AI may decide and about how incidents are handled, which makes them a kind of outside auditor.

But my daughter's case exposes a gap. Nothing in the airline's system actually broke. A rule that treats an unanswered email as the customer's choice to cancel may have worked exactly as its designers intended. Insurance built for an AI that malfunctions may never be triggered by a process that was simply designed badly from the start.

An expert you can hire

The fourth answer is the most intriguing. Instead of assuming the right expert must work for the company that made the mistake, imagine a marketplace of certified, independent resolution experts: people with a recognized qualification in, say, untangling airline and banking disputes, who can be engaged for a single case. Something like this already exists in law and medicine, where people book a specialist for one problem. It does not yet exist for everyday customer service.

Picture what this would have meant for my daughter in those first weeks. Not another call center number. Not another visit to the campus branch. One search, on a platform neither the airline nor the bank controlled, for someone who already understood how an airline cancellation and a card dispute fit together. She would not have had to explain her story four times to four different people. She would have explained it once, to the one person able to act on it. The expert would not take the blame for the airline's mistake; the airline would still own that. The expert would simply be the reason the mistake got caught.

There are other possibilities too: independent auditors who certify AI decisions, free lancers and professional services that bring in expertise to solve issues. Outside the organization, firms already sell expertise one case at a time. AirHelp, for example, takes over passengers’ flight-compensation claims against airlines and keeps 35 percent of whatever it recovers, charging nothing if it loses. It also offers an annual membership that waives the fee1. In miniature, that is the choice the next section explores: pay per incident or pay in advance for peace of mind.

But almost every route ends in the same place. Someone has to pay for expert judgment. Who pays, and how?

What Would You Pay for Judgment?

Ask yourself a simple question. In the second month of my daughter's ordeal, after the ticket had vanished but before the case had frozen solid, what would our family have paid for one hour with someone like Elena Marsh? I suspect most parents would say: a professional's fee, if Elena Marsh were an independent resolver of exactly this kind of problem. That instinct is exactly what companies will begin to notice.

Think back to VoyageOne. After Daniel's case, the company learned its lesson and rebuilt Journey. Agents could no longer turn a conditional finding into a confirmed fact; every conclusion was now labeled verified, probable, conditional or unknown. A new agent, Contrarian, was given a single job: to ask what could make this itinerary invalid for this particular traveler. And "human escalation" stopped meaning one queue. Routine questions went to travel consultants, ticketing problems to ticketing specialists, immigration questions to immigration specialists, and serious disruptions to senior experts like Marsh. Without quite intending to, VoyageOne had begun sorting its people into tears. The step from sorting people into tiers to putting a price on the top tier is shorter than it looks.

Why the tiers will emerge

Three forces will push for this change.

The first is cost. When AI handles almost all routine service at almost no cost, the specialists still needed for the hard cases stop being a hidden part of overhead, the general running costs a company absorbs without pricing them separately. They become a visible, specific cost: a small number of expensive people handling the cases that matter most. Anything that visible, and that valuable, eventually acquires a price.

The second is sameness. Today, a bank with a good AI assistant can still stand out. In a few years it will not. Every major bank, insurer, airline or even an audio/video streaming company will run its own version of Journey, and it will be good. When everyone's machines are equally fast and equally polite, the machines stop being a reason to choose one company over another. What a rival cannot copy so easily is Elena Marsh: a person whose judgment, authority and accountability are real rather than performed.

This is where the four forms of trust at the heart of this discussion separate cleanly. Tier 1 sells algorithmic consistency: the same case handled the same way, reliably and at scale. What Marsh supplies, and what a company can only build deliberately, are the other three: human judgment to see that a process has gone wrong, expert advocacy to work the case rather than merely process it, and institutional accountability, the willingness to say "our system was wrong" and own the fix. A company that can prove it has these, and not just a phone number, has something to sell that a competitor's chatbot cannot match by becoming slightly smarter.

The third force is history, which is turning in a circle. Human contact was once the only way to get service. Phone menus, call center scripts and self-service apps arrived largely to take cost out of that channel, steering the routine majority of queries away from people until people became a shrinking, expensive resource that companies tried to minimize. AI-first service is the end point of that journey: for most queries, the human disappears almost entirely. What may be forming now is the same human channel reappearing at the other end, with a price tag. Having spent two decades steering customers away from humans to save money, companies may spend the next decade selling access back to one. That is not a contradiction. It is what happens when something that used to be free becomes, through its own scarcity, valuable enough to charge for.

Three tier Pricing Structure in Customer Service in Future

Not every customer wants a human, and the wish is not evenly spread. Some customers want a person as a standing preference. They are typically premium or high-value customers who value continuity, a known relationship and someone who already understands their history. For them, the human is not a fallback; it is part of the product.

Most customers, though, want a human only when the machines have already failed them, or when they sense, rightly, that their case has gone beyond what a standard process can handle. My daughter was one of these. She did not want a relationship with her airline. She wanted one person, once, who could see what had gone wrong and fix it. What customers like her need in that moment is not reassurance. It is someone able to recognize that the case is unusual and to act on it with an authority the automated system does not have.

Put cost, sameness and these two kinds of demand together, and I expect an explicit three-tier structure to emerge, replacing today's informal lottery in which some customers happen to reach a capable, empowered employee and most do not. Anyone who has used a music or video streaming app will recognize the shape: a free version for everyone and a premium version for those who pay. The difference lies in what the premium buys. Not fewer ads or better sound, but a person who can actually fix things. Table 1 summarizes the three tiers.

	Tier 1, AI only (free). The machine handles the request from start to finish. It is instant, always available and enough for the great majority of what we ask.

	Tier 2, AI with a human backup (free). The machine handles most of the request, but a person can step in when the case goes beyond what it can handle, usually after a wait and with no guarantee of who picks up or what they are allowed to do.

	Tier 3, human expert (paid). A trained expert handles the case from beginning to end. She may use AI as a tool, but the service is defined by her judgment, her authority and her ownership of the outcome. This is the tier that carries a fee.


	
	Tier 1

	Tier 2

	Tier 3

	What it is

	AI only

	AI with a human backup

	A human expert


	Best for

	Routine, everyday requests

	Cases the AI cannot settle confidently

	Unusual, complex or high-stakes cases


	Waiting

	None

	Often a wait

	Depends on the route in


	What the person can do

	No person involved

	Look into the case and recommend; limited power to overrule

	Investigate, overrule the system and own the outcome


	Cost to the customer

	Free

	Free

	Paid: the open question



Table 1. The three tiers at a glance

Run my daughter's case through these tiers and the logic becomes plain. Tier 1 cancelled her ticket and deleted the record. Tier 2 listened kindly on the phone and at the branch counter but could not act. Only something like Tier 3, a person with all six qualities and not just the first two, could have looked past the record and fixed it.

Will companies really charge for it?

There is a good case that they will. If one bank or insurer starts selling guaranteed access to a named expert and customers respond, competitors are unlikely to hold out for long. The idea already exists in miniature: premium credit cards that come with a personal assistance line, often called a concierge, and the special phone numbers airlines give their most frequent flyers so they can skip the queue.

There is also a good case that they should not, or at least not openly. A bank seen charging customers to fix problems its own systems created invites reputational damage and the attention of regulators. A company might instead choose to make excellent free human help its selling point, betting that the trust it earns is worth more than the fee. Both paths are possible. The economic pressure, I think, points toward charging, which makes the question of how far more important.

Two doors to an expert

Tier 3 is unlikely to appear as a third item on a menu ("choose Regular, Priority or pay for Signature") because that looks too much like putting fairness behind a paywall. More likely, it will arrive through two doors.

The first door is bundled access: an expert included in something the customer already holds, such as private banking, a top-tier credit card or elite airline status. The customer is not buying human help directly; it comes with the package, the way the lounge comes with a first-class ticket. This door changes little. It mostly formalizes the special treatment wealthy customers have always received.

The second door is pay-when-you-need-it: access for any customer who hits a genuinely exceptional problem and is willing to pay to have it resolved, at that moment. This door is genuinely new. It would let a student like my daughter, with no premium relationship at all, reach a real expert at the one moment it mattered.

At first glance, none of this sounds new. Private banks have offered wealthy clients a dedicated relationship manager, a named banker who looks after them personally, for as long as private banking has existed. What would be different is the logic underneath. The traditional relationship manager is a relationship product: always there whether or not anything has gone wrong, valued for familiarity and reassurance as much as for problem-solving, and offered mainly to customers wealthy enough to justify the cost. The pay-when-you-need-it door works differently. It offers judgment and authority at the precise moment a case breaks, to a customer who may never have been profitable enough to be assigned a relationship manager at all. It is priced per occasion rather than per year. What it sells is not continuity of relationship. It is the probability that a genuinely hard case will be understood and resolved correctly.

What a paying customer will expect from AI Native company

Paying changes what a customer expects from the person on the other end. Under the old relationship model, the expectation was largely about warmth: being remembered, being treated as important. A customer who has already been failed once by an automated system is not looking to be remembered. She is looking for someone who can act.

That raises the bar considerably. A pleasant, attentive person who cannot overturn the system's decision will feel worse than no person at all, because the customer has been told, explicitly, that she is now paying for something more. A premium line that offers contact and attention without expertise or authority is simply Journey's original design with a nicer voice, and customers will discover the difference the first time it matters.

Research on how people judge machines helps explain where that line falls. Experiments have shown that people lose confidence in an algorithm faster than in a person after watching it make a mistake6. Yet in tasks where consistency is what counts, people often prefer an algorithm's judgment to a human. Both findings fit the tiers. For routine matters, customers are content, even happy, to deal with a machine. That tolerance collapses the moment a case carries real consequences, and no one seems accountable for it.

The Ritz-Carlton hotel chain offers a well-known picture of what accountability can look like. Its employees are allowed to spend up to $2,000 to make things right for a guest. Not a script, not a promise to escalate actual authority, handed to the person closest to the problem. That is what a Tier 3 fee should buy. A customer paying for an expert should be paying for verified expertise, real authority to act and ownership of the outcome: resolution, not the promise of it.

What customers are already saying

To test these ideas, I ran a compact pulse survey across a mixed group of homemakers, entrepreneurs, corporate employees, IT professionals and bankers: people broadly comfortable with digital service, though not all of them tech-savvy. It offers directional evidence rather than proof, but several patterns stood out.

Most people do not default to paying. Asked what they would choose for a regular query, most picked the free option of AI with a human backup, and roughly a third chose AI alone. But close to a fifth said they would choose a paid human expert even for a routine matter. For some customers, paying for certainty is already a preference, not a last resort.

[image: Forms response chart. Question title: Q1. For your regular queries/general customer service which would you normally choose? . Number of responses: 30 responses.]

The reasons people gave for paying closely track the argument so far. The strongest reasons for choosing paid Tier 3 were, in order: an unusual or exceptional case, a problem that had already gone wrong, and frustration at being unable to get resolution elsewhere — all well ahead of routine requests or general preference for human contact. Very few said they would never pay for human help under any circumstances. Customers, it seems, already price expertise the way companies arguably should: not as access to a voice, but as access to resolution when the standard path has failed.

[image: Forms response chart. Question title:   Q5. If a company offered all three tiers, which approach would you consider fairest?  . Number of responses: 30 responses.]

[image: Forms response chart. Question title: Q2-  For which customer-service situations would you consider paying for Tier 3 (Human Expert)?- Select Multiple as relevant.. Number of responses: 30 responses.]

They also want to pay only when they need to. A strong majority preferred paying per incident over a membership or retainer, a fixed fee paid in advance whether or not the service is used, close to the opposite of how relationship managers have traditionally been paid for. If this market wants Tier 3 at all, it wants it as insurance against a bad day.

[image: Forms response chart. Question title: Suppose Tier 1 and Tier 2 remain free. At what point, if any, would you be willing to pay for Tier 3?. Number of responses: 30 responses.]

[image: Forms response chart. Question title: How would you prefer to pay for human expert support? As an annual/monthly membership (AMC)  or Adhoc request. Number of responses: 30 responses.]

Most respondents accepted paid tiers in principle with a real minority holding out. The largest group agreed that free AI service should remain available to everyone, while those who want faster or more dedicated help should be allowed to pay for it, and others wanted the tiers clearly explained so they could choose deliberately. But close to one in six insisted that human help should never depend on the ability to pay. That minority deserves to be taken seriously, because it points directly at the hardest questions.

Where pricing turns unfair

The moment a paid tier exists, those questions follow.

The first is who
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