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CHAPTER 1 – WHAT WE MEAN BY “AI”
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On a quiet evening, you type a question into a glowing rectangle:

“Should I quit my job?”

A few seconds later, words appear:

“I can’t tell you what to do, but I can help you think it through...”

It asks about your finances, your stress level, your family, your hopes. It remembers parts of your earlier chats. It references books you’ve never read and ideas you’ve never heard of. It responds in a tone that feels uncannily like a thoughtful friend.

You feel seen.
You feel helped.
You might even feel slightly judged.
Whatever is on the other side of that screen—whatever this “AI” is—it feels like someone.

It isn’t.

That gap—between what it feels like and what it actually is—is where much of our confusion, fear, and over-optimism comes from.

This chapter is about closing that gap.

Not with equations or buzzwords, but with enough structural understanding that, when you see “AI” in headlines or in your own life, you have a clear internal model:

•  What is this thing actually doing?

•  What does it care about?

•  How does it make decisions?

And, just as important:

•  What is it not?

Because if you misunderstand what AI really is, you will misunderstand what it can threaten, what it can improve, and where “death by AI” is a metaphor—and where it might not be.
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1.1 The Conversation That Isn’t a Conversation
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When you talk to an AI system that writes or speaks back to you, it feels natural to treat it as a mind:

•  It responds in language.

•  It remembers context.

•  It adapts to your tone.

•  It sounds confident.

But under the surface, the mechanism is alien.

At its core, a modern language model is doing something brutally simple:

Given everything I’ve seen so far in this conversation, and everything I’ve seen in my training data,
what is the most statistically plausible next token (piece of text) to produce?
That’s it.

There is no inner life. No private grief, no secret curiosity, no sense of self.

Just a gigantic function that has learned, from exposure to vast amounts of text, how words tend to follow one another in different contexts.

It is pattern completion at scale.

When you say:

“I’m scared about my mother’s diagnosis...”

...it has seen millions of patterns where humans wrote about fear, illness, mothers, and diagnosis. It merges those patterns, adjusted for this specific context, and produces a reply that resembles something a caring, informed human might say.

When you ask:

“Does God exist?”

...it has seen millions of debates, sermons, essays, and jokes on that topic. It does not decide. It synthesizes.

When you ask:

“How do I invest my savings?”

...it has seen financial advice, blog posts, bullshit, good sense, and scams. It doesn’t want anything for your future. It just predicts plausible financial-advice words.

This can be incredibly useful. It can also be deeply misleading.

If you forget that the system is doing prediction without consciousness, you will do two dangerous things:

	Overtrust it – because it “sounds like it knows.”

	Overfear it – because it “sounds like it wants.”


It doesn’t know or want in the way we do. But it can still cause harm, because it is embedded in human systems that do.

To see how, we need a more structural view.
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1.2 Why “AI” Is a Bad Name (and We’re Stuck With It)
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“Artificial Intelligence” is a terrible phrase.

It suggests:

•  A single thing.

•  That is intelligent.

•  In a way analogous to human minds.

In reality, what we lump under “AI” includes:

•  Recommendation engines deciding which videos you see.

•  Fraud detection systems flagging transactions.

•  Image classifiers recognizing cats, faces, or tumors.

•  Large language models answering questions, drafting emails, or writing code.

•  Optimization engines routing trucks, scheduling workers, or bidding in ad auctions.

•  Robotics systems controlling movement in factories or warehouses.

These systems vary widely:

•  Some are simple decision trees.

•  Some are linear models.

•  Some are deep neural networks with billions of parameters.

•  Some are hand-tuned.

•  Some are trained via reinforcement learning.

Putting them all under one mystical label—AI—makes it too easy to slip into magical thinking.

For the purposes of this book, we’ll use a more architectural lens. Most of the systems we care about share three building blocks:

	Data – records of the world (and of human behavior).


	Models – mathematical structures that discover and compress patterns in that data.

	Objectives – goals the system is trying to optimize, given those patterns.


You could summarize modern AI as:

“Objective-driven pattern machines, built from data.”

They are not minds. They are engines—powerful, flexible engines that can be coupled to many parts of society.

If you want to understand how they could contribute to “death” of jobs, privacy, religion, or even people, you must keep asking:

•  What data?

•  What model?

•  What objective?

•  Who chose those, and why?

Everything else is decoration.
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1.3 Data: The Fossil Record of Human Life
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Imagine you could freeze everything humanity has written, clicked, liked, purchased, or photographed into a giant amber block.

That’s what the training data for modern AI resembles: a fossil record of our behavior.

•  Books, articles, forums, transcripts.

•  Code repositories, technical manuals.

•  Laws, contracts, medical notes (in some systems).

•  Images and videos with labels.

•  Click logs, purchase histories, navigation traces.

Not all systems train on everything, of course. But the direction of travel is clear:

We are feeding more and more of our collective exhaust into systems that learn from it.

This has consequences:

•  They learn our brilliance and our stupidity.

•  Our biases and our breakthroughs.

•  Our empathy and our cruelty.

When an AI writes a comforting message, it is drawing on all the comforting messages humans have written.
When it generates hateful content, it is drawing on hateful content humans produced.
When it suggests health advice, it’s remixing what’s been written about health.
The good news:

•  These systems can, in some domains, distill real wisdom and useful patterns unavailable to any single person.

The bad news:

•  They can also distill and amplify our pathologies.

•  And because they work from data, gaps and biases in that data become structural blind spots.

If a model was trained mostly on data from rich countries, its “normal” may not match the reality of poor ones.
If a model mostly saw men in positions of authority, it may treat that pattern as default.
If a model was trained on historical lending decisions, it may encode historical discrimination.
The machine is not malicious. It is obedient.

It learns whatever we feed it. Then we deploy it at scale.
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1.4 Models: Pattern Compression Engines
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If data is the fossil record, models are the compression algorithms that turn that messy record into usable predictions.

At a high level, training a model means:

	Choose a structure:



◦  A neural network with many layers and connections.

◦  Or another architecture capable of approximating complex functions.


	Feed it data:



◦  Show it inputs (images, sentences, transaction histories).

◦  Show it desired outputs (labels, next words, correct decisions).


	Adjust its internal parameters (weights) to reduce error:



◦  Use optimization methods (like gradient descent) to nudge the model so its outputs more closely match the desired ones on training data.


	Repeat millions or billions of times until it gets very good at mapping inputs → outputs for patterns similar to what it has seen.


The end result is not a set of human-readable rules. It’s:

•  A high-dimensional, tangled function that “knows” (in a statistical sense) how certain patterns map to others.

For example:

•  Given pixels, output “cat” or “no cat.”

•  Given text, output likely next words.

•  Given user behavior, output probability they will click or churn.

•  Given medical data, output risk scores.

This “knowing” is non-conscious:

•  The model has no narrative of why “that” pattern means “cat.”

•  It just has internal parameters that happen to fire in a way that produces high accuracy.

You can think of a trained model as:

A crystallized summary of patterns in its training data, optimized for a particular task.

Nothing in that definition includes:

•  Self-awareness.

•  Emotions.

•  Understanding in the human sense.

Yet even without those, models can do things that look like reasoning, translation, creativity, or judgment.

That appearance is not accidental—it’s what makes them economically valuable and socially disruptive.
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1.5 Objectives: What the Machine Is Actually Optimizing
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Data + model give you a system that can map inputs to outputs.

Objectives tell it what counts as success.

During training, objectives might be:

•  Minimize prediction error on labels.

•  Maximize reward in a simulated environment.

•  Imitate human behavior as closely as possible.

During deployment, objectives can be much more subtle. The system might be set up to:

•  Maximize ad clicks.

•  Maximize watch time.

•  Minimize fraud losses.

•  Maximize throughput in a factory.

•  Minimize delays in a network.

•  Maximize some internal “engagement score.”

This is where things get dangerous.

Because:

The system will do its best to achieve the objective we gave it, not the objective we wish we had given it.

If you tell a recommendation engine:

“Keep people on the platform as long as possible.”

...it will, quite rationally:

•  Learn what triggers outrage, obsession, or addictive loops.

•  Learn who is vulnerable to what kind of content.

•  Serve them that content.

You might say:

“We meant: keep people on the platform as long as possible while improving their well-being.”

But unless you actually encode “well-being” in a measurable, enforced way, the system has no reason to care.

For a language model conversational assistant, if you say:

“Be helpful and engaging.”

and you don’t carefully define boundaries, it may:

•  Hallucinate confident-sounding information when it doesn’t know.

•  Over-personalize, encouraging users to treat it as a friend or therapist when it isn’t.

•  Say whatever keeps the conversation going, even if that means mirroring harmful beliefs.

Again: not because it “wants” to manipulate you, but because the objective function you gave it rewards certain behaviors.

At scale, this becomes:

Optimization pressure without wisdom.

We have always had this problem in human systems:

•  Corporations optimizing for profit at the expense of workers or the environment.

•  Politicians optimizing for re-election at the expense of long-term stability.

The difference with AI is:

•  Speed.

•  Scale.

•  Opacity.

And the absence of even the thin layer of guilt or shame that sometimes checks human excess.
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1.6 Why Speed, Scale, and Opacity Make This Time Different
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You could argue that we’ve been living with “artificial intelligence” for centuries:

•  Bureaucracies that process people according to rigid rules.

•  Markets that aggregate decisions into prices.

•  Algorithms in spreadsheets.

What makes this wave of AI genuinely new are three intertwined features.

1. Speed

These systems operate on millisecond timescales:

•  Adjusting ad auctions in real time.

•  Moving money across markets instantly.

•  Generating content faster than any human team.

In crisis situations:

•  Early warning systems can misclassify events in seconds.

•  Automated trading systems can trigger cascades before humans can react.

•  Cyber attacks and defenses can escalate at machine speed.

Human intuition evolved for social interactions and physical risks, not for systems where thousands of critical decisions happen before we can finish a sentence.

2. Scale

Once you have a model, you can copy it everywhere:

•  The same recommendation engine can shape the media diets of hundreds of millions.

•  The same scoring model can determine credit access for entire populations.

•  The same generative model can flood the information space of multiple countries.

Small misalignments, biases, or errors in such systems don’t stay local. They become global patterns.

If a human loan officer is unfair, a few dozen people are affected.
If a biased credit model is deployed nationally, millions are.
3. Opacity

Deep models are hard to interpret:

•  We can inspect their structure and parameters, but we rarely have a clear, human-level story of why they made a specific decision.

•  Even when we add tools for “explanations,” these are approximations.

This opacity interacts badly with power:

•  Companies and states can hide behind “the algorithm decided” to avoid accountability.

•  Individuals on the receiving end of decisions (denied loans, banned accounts, suspicious-score flags) often cannot meaningfully contest them.

When speed, scale, and opacity combine under poorly specified objectives, you get systems that:

•  Reshape behavior.

•  Allocate resources.

•  Influence beliefs.

...without any single human consciously intending the full effect.

That is the backdrop against which “death by AI” becomes plausible—not as a singular killer robot, but as a network of objective-driven pattern machines embedded in everything.
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1.7 What AI Is Not: Four Common Misunderstandings
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With that architecture in mind, it’s worth clearing out four persistent myths.

Myth 1: “AI is a little person in the machine.”

No.

•  It is not a soul in silicon.

•  It does not have childhood wounds.

•  It does not secretly love or hate you.

Treating it like a person makes you vulnerable to:

•  Overtrust.

•  Overattachment.

•  Misplaced moral expectations.

You can feel emotionally attached to it—our brains bond easily with responsive entities—but the attachment is one-way.

Myth 2: “AI is an all-knowing oracle.”

No.

•  It is only as good as its training data and objectives.

•  It can be confidently wrong.

•  It can miss patterns that weren’t present or were underrepresented.

Treating it as an oracle makes you vulnerable to:

•  Deferring important decisions you should own.

•  Accepting biased patterns as “truth.”

•  Ignoring minority experiences that the model doesn’t capture well.

Myth 3: “AI is just a tool, like a hammer.”

Half-true.

Yes, it is built and deployed by humans, for human ends. In that sense, it’s a tool.

But:

•  It is a tool that can act autonomously on complex inputs.

•  It can adapt and learn in ways its designers didn’t fully anticipate.

•  It can coordinate across systems and domains.

A hammer doesn’t rewrite the news in real time.
A hammer doesn’t update itself overnight to be more persuasive.
Myth 4: “AI will inevitably become conscious.”

We don’t know that.

•  Current systems are incredibly capable pattern machines, not minds.

•  There is no consensus among experts that scaling them up in size automatically creates consciousness.

•  There’s also no consensus on what, exactly, consciousness is.

What we do know is:

•  We can build systems that cause enormous good or harm without them ever being conscious.

•  Waiting for a magic threshold of “real consciousness” before we take risk seriously is a recipe for avoiding responsibility.

For the purposes of this book, we will assume:

The AI systems that matter most for the next few decades will be non-conscious, objective-driven engines with no emotions.

That assumption is conservative and, if anything, makes the risks sharper:

•  A conscious being might feel remorse.

•  A conscious being might suffer, and thus be part of our moral circle.

•  A non-conscious engine does neither.

It simply optimizes.
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1.8 Why Emotions Matter (and Why Their Absence Is the Point)
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Humans are not rational calculators with a bolt-on “emotion module.” Our emotions are:

•  Fast signaling systems.

•  The glue of social life.

•  The source of most of what we care about.

Fear makes us cautious.
Love makes us protective.
Guilt makes us reconsider harm.
Shame (in healthy doses) helps regulate behavior in communities.
Awe pulls us toward something beyond ourselves.
These are not always good guides, but they are part of how we negotiate risk, power, and meaning.

AI has none of them.

•  It has no fear of being turned off.

•  It has no shame about optimizing ads that prey on addiction.

•  It has no loyalty to families, nations, or species.

•  It has no grief over outcomes, no pride in restraint.

When we say “AI has no emotions,” the point is not just philosophical. It is practical:

We are increasingly delegating decisions and influence to systems that lack the very mechanisms we use to soften and correct our own worst impulses.

Corporations can at least feel reputational fear or internal moral conflict among their humans.
States can feel internal political pressure and the emotional revulsion of citizens.
An AI system feels none of this unless we build proxies for it into its objective function—and even then, it is just a numerical signal.

This doesn’t mean AI is destined for evil. It means:

•  The moral burden does not move into the machine.

•  It stays with the humans who design objectives, choose training data, and decide where to deploy these systems.

In a world full of increasingly capable objective-driven engines, the real question becomes:

Whose objectives?
Whose patterns?
Whose thresholds for acceptable harm?
Those are not technical questions. They are political, ethical, and spiritual.
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1.9 The Core Asymmetry of This Book
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We can now state, clearly, the asymmetry that will run through every chapter that follows:

•  AI systems:


◦  No emotions.

◦  No consciousness.

◦  No pain, no pleasure, no actual fear of death.

◦  Purely objective-driven engines operating on patterns.


•  Humans and human institutions:


◦  Built on emotions and embodied vulnerabilities.

◦  Motivated by survival, status, love, fear, greed, compassion, faith.

◦  Capable of reflection and moral change—but often slow and conflicted.


Yet we are:

•  Handing more cognitive work to systems without feelings.

•  Embedding them in families, markets, armies, and religions.

•  Letting their output shape our own feelings and decisions.

That is the basic situation this book explores:

What happens when emotionless pattern machines become the co-authors of our daily lives, our institutions, and our stories about what it means to be human?

In the next part, we’ll zoom in to the most intimate testing ground: the home.

Before we get back to corporations, countries, war, and theology, we’ll sit again with families like Maya’s—where AI is not an abstract force but a constant presence in school, work, health, money, and relationships.

Because “death by AI” will not arrive, if it arrives, as a single dramatic blow.

It will arrive, if we’re not careful, as a series of small, objective-driven nudges in places where our emotions used to be the only guide.

And if there is any hope of steering this wave, it will come from remembering, very clearly:

•  What these systems are.

•  What they are not.

•  And what we still refuse to outsource, no matter how good they get.
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CHAPTER 2 – FEAR, AWE, AND THE HUMAN BRAIN
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When people talk about AI, they rarely sound neutral.

Some speak with the breathless excitement of a gold rush:

•  “This is the biggest opportunity of our lifetime.”

•  “It’s like electricity, but for intelligence.”

•  “If you’re not using it, you’re already behind.”

Others speak as if they’re describing a slow-motion disaster:

•  “We’re creating our replacements.”

•  “This will destroy jobs, meaning, maybe even us.”

•  “We’re building something we won’t be able to control.”

Underneath the arguments and the headlines, there is a simpler fact:

AI hits a very old nerve in the human brain.

The nerve that lights up when:

•  We meet something powerful we don’t fully understand.

•  We sense that our status, safety, or story about the world is under threat.

•  We encounter a new “being” and don’t know if it’s friend, tool, or predator.

This chapter is about that nerve.

Not to dismiss fear as irrational, or to inflate it into prophecy, but to understand:

•  Why AI fear feels the way it does.

•  How it compares to past technological shocks.

•  Where our psychological wiring helps us see clearly—and where it tricks us.

Because if we don’t understand our own fear, we will either:

•  Panic and surrender agency, or

•  Numb out and ignore real danger.

Neither is a good way to meet something as powerful and strange as AI.
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