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The strategies in this book are framework-based, not backtested against proprietary Kalshi data. Kalshi entertainment markets represent some of the newest contract offerings on the platform, making historical performance analysis largely impossible. The edge described here derives from documented behavioral economics principles, market microstructure analysis, and the predictable psychology of entertainment audiences who confuse emotional investment with probabilistic reasoning. Your results will depend on execution, discipline, and market conditions. No strategy works one hundred percent of the time, and the goal is positive expected value over many trades rather than certainty on any single position.

Entertainment prediction markets occupy a unique position in the Kalshi ecosystem. Unlike sports contracts where statistical models and injury reports provide quantifiable inputs, entertainment outcomes are determined by voting bodies, audience sentiment, and cultural momentum that resists clean measurement. This apparent unpredictability is precisely what creates opportunity. The crowds trading these markets bring emotional attachments, narrative preferences, and recency biases that systematically distort prices away from true probability. Where the crowd sees their favorite film or beloved performer, you will learn to see mispriced contracts waiting for correction.

This book teaches you where edge exists, why it exists, and how to extract it systematically. The Mispricing Game framework applies the same rigorous approach to Oscars contracts, Emmy predictions, Grammy outcomes, and reality television markets that professional traders apply to any inefficient exchange. You will learn to identify the specific psychological errors entertainment audiences make, the timing windows when those errors peak, and the position structures that let you profit from crowd sentiment without becoming part of it. No one has years of backtested Kalshi entertainment data because these markets are too young. What you have is behavioral science, market microstructure, and a systematic approach that lets you act while others are still guessing.
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Every prediction market has a design flaw built into its user base. The flaw is not technical, regulatory, or structural in the conventional sense. The flaw is psychological, and it is so consistent across entertainment markets that it functions less like human error and more like a tax levied on participants who cannot separate what they want to happen from what they believe will happen. Kalshi entertainment contracts attract a specific type of trader, one whose primary qualification is passionate opinions about movies, music, and television rather than any framework for pricing binary outcomes under uncertainty. These traders do not think of themselves as traders at all. They think of themselves as fans who happen to have access to a platform where they can put money behind their convictions, and this self-conception is the first crack in the architecture that creates extractable edge.

The entertainment prediction market is not a casino, though it superficially resembles one. It is not a sportsbook, though the contract structures share surface similarities. It is an exchange where two parties take opposite sides of a binary proposition, and the critical insight is that on Kalshi, you are not trading against the house or a sophisticated market maker with unlimited capital. You are trading against other participants, most of whom arrived at this exchange because they have strong feelings about whether a particular film deserves recognition or whether a specific musician will triumph over competitors. The distinction matters enormously because it means the edge does not come from information asymmetry in the traditional sense. The edge comes from the systematic errors your counterparties make when they allow preference to masquerade as probability assessment.

Understanding how Kalshi works at a mechanical level is prerequisite to understanding why it creates such reliable opportunities. A binary contract settles at either one dollar or zero dollars depending on whether the specified outcome occurs. If you purchase a YES contract at sixty cents, you pay sixty cents and receive one dollar if the outcome happens, netting forty cents profit. If the outcome does not happen, you lose your sixty cents. The implied probability embedded in that sixty-cent price is sixty percent, meaning the market collectively believes there is a sixty percent chance of the outcome occurring. Your job as a systematic trader is not to predict outcomes more accurately than the crowd. Your job is to identify situations where the crowd's implied probability diverges from a more defensible estimate, then position accordingly.

The fee structure on Kalshi affects edge calculations in ways that most retail participants ignore entirely. As of early 2026, many markets operate under promotional zero-fee conditions, but the standard fee formula charges approximately 1.2 percent of contract value on average, with the precise amount varying based on the probability level of the contract. A fifty-cent contract, representing fifty percent implied probability, incurs the highest relative fee because the formula multiplies price by one minus price, maximizing at the midpoint. This means that marginal edge opportunities evaporate once fees are reinstated, and any systematic approach must account for fee drag when calculating whether a perceived mispricing actually offers positive expected value. The traders who will lose money consistently are those who never perform this calculation, instead treating Kalshi like a prediction game where being right occasionally feels like winning.

Entertainment markets on Kalshi differ from sports markets in ways that amplify certain psychological errors while dampening others. Sports contracts benefit from extensive statistical infrastructure where analysts can model expected points, win probabilities, and player performance with reasonable precision. Entertainment outcomes emerge from voting processes that are opaque by design, sentiment shifts that defy quantification, and cultural dynamics where momentum can reverse without obvious catalyst. The Academy of Motion Picture Arts and Sciences does not publish polling data on member preferences. The Recording Academy does not release preliminary vote tallies. The absence of hard data does not make these markets less tradeable. It makes them differently tradeable, and the specific nature of that difference creates the opportunity this book will teach you to exploit.

The retail participant in entertainment prediction markets suffers from a compound delusion that operates on multiple levels simultaneously. At the first level, they believe their consumption of entertainment products grants them predictive insight. Someone who has watched every Oscar-nominated film feels qualified to predict which will win, confusing exposure with expertise. At the second level, they believe their preferences align with those of voting bodies, projecting their taste onto anonymous Academy members or Grammy voters whose demographics and aesthetic priorities may differ radically from their own. At the third level, they believe that deserving outcomes correlate with actual outcomes, importing a moral framework into a probabilistic exercise. These three delusions reinforce each other, creating a participant who is confident precisely because they lack the metacognitive tools to recognize their confidence as unfounded.

The trading volume in entertainment markets follows seasonal patterns that track the awards calendar with high fidelity. Oscar markets see peak activity between nomination announcements in late January and the ceremony in early March. Grammy markets concentrate around November through February. Emmy markets activate in summer following nomination announcements. Reality television markets like those around competition shows generate volume during active seasons. These seasonal concentrations mean liquidity is not uniform throughout the year, and the windows of maximum inefficiency often coincide with periods of maximum attention rather than maximum expertise. More eyeballs translate to more retail participants who learned about Kalshi through entertainment coverage rather than trading education, and these participants drive prices away from probability and toward narrative.

Consider the mechanical reality of how a price forms on Kalshi. When you see a contract trading at seventy-five cents, that price represents the last matched trade between a buyer willing to pay seventy-five cents and a seller willing to accept seventy-five cents. It does not represent omniscient market consensus or the crystallized wisdom of crowds. It represents two people, or two algorithms, agreeing to transact at that level at a specific moment. If those two people are retail participants who arrived at their prices through emotional reasoning rather than probabilistic analysis, the resulting price carries their errors. You are not competing against the market as an abstract entity. You are competing against the specific individuals who set the most recent prices, and understanding who those individuals are, why they trade, and what errors they make is the foundation of systematic edge extraction.

The maker-taker distinction on Kalshi creates strategic options that most entertainment market participants never consider. A maker posts an order to the book that sits waiting for a counterparty, providing liquidity to the market. A taker executes against existing orders, removing liquidity. When promotional fees are active, the distinction matters less, but under standard fee structures, makers pay lower fees than takers because they provide a service the exchange values. More importantly for entertainment markets, the ability to post maker orders at prices you select rather than accepting the prices others have posted means you can define the terms of your trades. If you believe a contract is mispriced at seventy-five cents but only offers edge at seventy cents, you post a buy order at seventy cents and wait. The retail participant who desperately wants to sell will eventually meet your price, executing your trade on your terms.

The liquidity profile of entertainment contracts typically features wider spreads than high-volume sports markets but tighter spreads than obscure economic contracts. An Oscar Best Picture contract might show a bid-ask spread of two to four cents during peak activity, meaning you can buy at seventy-five cents and sell at seventy-one or seventy-two cents if you change your mind. This spread represents the cost of changing direction and must factor into any strategy that involves active position management. Contracts on less prominent categories or smaller award shows may feature spreads of five to ten cents, which dramatically affects edge calculations. If your edge over the market price is only three percent, a five-cent spread eliminates your advantage entirely because you cannot enter and exit at prices that preserve it.

The psychological phenomenon most directly responsible for entertainment market mispricing is called motivated reasoning, and it operates with particular force in contexts where participants have pre-existing emotional investments. Motivated reasoning describes the tendency to process information in ways that support desired conclusions rather than accurate conclusions. A participant who loves a particular film will unconsciously weight positive reviews more heavily than negative ones, remember predictions favorable to their preferred outcome while forgetting unfavorable ones, and interpret ambiguous signals as confirmation of what they hope will happen. This is not dishonesty. It is automatic cognition operating below the level of conscious choice, and it systematically inflates prices on emotionally popular outcomes while depressing prices on outcomes that generate less enthusiasm.

Academic research on prediction market efficiency provides a framework for understanding why entertainment markets remain inefficient despite the general finding that prediction markets aggregate information well. The efficiency of a prediction market depends on the presence of marginal traders who correct mispricings whenever they appear. In financial markets, these marginal traders are hedge funds and proprietary trading firms with sophisticated models and massive capital. In political prediction markets, they are often quantitative analysts who arbitrage between polling data and contract prices. In entertainment markets, the population of sophisticated marginal traders is remarkably thin. The analysts who understand probability theory and position sizing generally focus on markets with more volume and better data. The participants who focus on entertainment markets generally prioritize their predictions being correct for social reasons over extracting consistent expected value.

The concept of the Crowd Tax emerges from this analysis as the central framework for understanding entertainment market mispricing. The Crowd Tax is the premium that retail participants pay when their emotional investment in an outcome inflates the price above fair probability. It functions exactly like a tax in economic terms, transferring value from those who pay it to those who recognize and exploit it. Unlike a tax imposed by government authority, the Crowd Tax is self-imposed through cognitive failures that feel like conviction. The fan who purchases a YES contract on their favorite film at eighty cents when fair value is seventy cents has voluntarily donated ten cents per contract to whoever sold to them. The Crowd Tax is not visible on any fee schedule, but it is the largest cost most entertainment market participants will pay, and unlike platform fees, it transfers directly to traders on the other side.

The historical parallels to entertainment prediction markets illuminate why certain inefficiencies persist despite theoretical arguments that they should be arbitraged away. Horse racing markets in the twentieth century exhibited persistent favorite-longshot bias where favorites were systematically underpriced and longshots were systematically overpriced relative to their actual win rates. This bias persisted for decades despite being documented in academic literature because the participants in those markets derived utility from the entertainment value of longshot bets beyond their expected monetary value. Entertainment prediction markets exhibit analogous dynamics where participants derive utility from holding positions aligned with their preferences beyond any profit motive. The person who holds a YES position on their favorite film feels good about that position regardless of whether it is correctly priced.

Cross-industry analysis reveals that entertainment prediction markets most closely resemble initial public offering markets for consumer brands with passionate fan bases. When a beloved company goes public, retail investors often bid the stock price far above fundamental value because they want to own shares in a company whose products they love. The pattern is identical to entertainment markets where participants want to hold positions aligned with their aesthetic preferences. GameStop's retail-driven price explosion in 2021 demonstrated how collective emotional investment can drive prices entirely disconnected from underlying value. Entertainment markets see smaller versions of this dynamic play out every awards season as fans of particular films or artists bid up contracts beyond what sober probability analysis would support.

The structure of entertainment voting creates information dynamics that differ fundamentally from winner-take-all competitions determined by objective measurement. A sprinter either crosses the finish line first or does not. A film does not objectively win Best Picture in the same sense. It wins because enough Academy members marked it as their first preference on ballots that were then tabulated according to specific procedures. The voting procedure for many Academy Awards uses preferential balloting where members rank their choices and votes are redistributed from eliminated candidates to second choices until one option achieves majority support. This procedure means that a film with intense support from a minority of voters can defeat a film with tepid support from a majority, a dynamic that contradicts the intuition of participants who assume the most broadly popular choice will win.

Understanding why entertainment markets remain inefficient requires understanding the economics of attention and expertise development. Developing genuine edge in any prediction market requires significant investment of time, energy, and often capital to learn through expensive mistakes. A prospective trader deciding where to focus this investment will rationally choose markets with higher volume, better data, and more consistent opportunity over markets with lower volume, worse data, and concentrated seasonal windows. This selection effect means that the traders most capable of correcting entertainment market inefficiencies are systematically drawn to other markets, leaving entertainment to be traded primarily by participants whose main qualification is strong opinions rather than systematic approach. The inefficiency perpetuates because the people who would eliminate it have better options for their attention.

The information environment surrounding entertainment awards creates predictable patterns of belief formation that map directly to trading opportunities. Nomination announcements generate an initial distribution of prices reflecting the immediate reaction of whoever is paying attention at that moment. Over the following weeks, critics publish predictions, aggregator sites update their odds, and industry publications profile the campaigns each nominee is running. Each information event shifts prices as participants update their beliefs, but the updates are not Bayesian adjustments toward true probability. They are narrative-driven lurches toward whichever outcome received the most recent positive coverage. The person who predicts the Oscars by reading prediction aggregators is not thinking independently. They are outsourcing their probability assessment to writers who also lack rigorous frameworks.

The aggregator sites that influence entertainment market prices deserve particular scrutiny because they occupy an unusual epistemic position. Sites that aggregate Oscar predictions compile the guesses of various pundits, critics, and entertainment writers into consensus forecasts. These forecasts then influence other predictions because participants treat aggregated opinion as more authoritative than individual opinion. The circularity should be apparent. If Pundit A predicts Film X will win, and Pundit B predicts Film X will win, and the aggregator shows Film X leading, then Pundit C may predict Film X partly because the aggregator suggests consensus supports that prediction. The resulting forecast reflects not independent assessment by many minds but coordinated convergence toward a consensus that may have emerged from the initial guess of whoever predicted first. Kalshi prices inherit this coordination, pricing consensus rather than probability.

The emotional architecture of entertainment consumption primes participants to make specific errors when they transition to prediction markets. When you watch a film, read reviews, discuss it with friends, and develop opinions about its artistic merit, you are engaging in a fundamentally different cognitive process than probability assessment. You are not asking how likely this film is to win an award. You are asking how good this film is, whether it deserves recognition, whether its themes resonate, whether the performances moved you. These questions have no necessary relationship to the question of what outcome a voting body will produce. A participant who cannot separate aesthetic judgment from probabilistic reasoning will consistently convert preferences into probability estimates, and this conversion is the primary source of the Crowd Tax that systematic traders extract.

The strategies in this book are framework-based rather than backtested because Kalshi entertainment markets are too new and too thin for meaningful backtesting. This limitation applies equally to any competitor who might claim proven strategies based on historical data. The advantage of framework over backtest is that a robust framework transfers to new situations while a backtest only confirms what worked in specific past conditions. The framework developed in subsequent chapters will teach you to identify sentiment-driven mispricing, time your entries around information events, size your positions appropriately for the liquidity available, and manage the psychological challenges of trading against crowds whose errors feel obvious only in retrospect. You will not learn to predict entertainment outcomes more accurately than fans who consume every piece of relevant content. You will learn to trade more profitably than those fans.

The operational reality of extracting edge from entertainment markets involves long periods of waiting punctuated by brief windows of action. Unlike sports markets with daily games providing continuous opportunity, entertainment markets concentrate their activity around specific calendar events. Oscar season runs roughly six weeks from nominations to ceremony. Grammy season offers a similar window. This concentration means that much of your work will involve preparation rather than execution, building the analytical infrastructure to act decisively when opportunities appear rather than constantly scanning for new positions. The trader who arrives at Oscar season without a framework will spend their energy figuring out how to think about these markets rather than executing against known patterns. The trader who has internalized the framework will recognize familiar dynamics and respond with practiced responses.

The conceptual shift that separates profitable traders from perpetual losers in entertainment markets involves reframing what success means. The retail participant measures success by whether their predictions were correct. They feel good when the film they backed wins and bad when it loses, treating the outcome as a verdict on their judgment. The systematic trader measures success by whether their process generated positive expected value across many trades. They feel good when they identified a mispricing and sized appropriately regardless of whether that particular trade won, treating individual outcomes as noise in a larger distribution. This shift from outcome orientation to process orientation is easy to articulate and extraordinarily difficult to internalize, which is why most participants never make it. They keep chasing the high of being right rather than building the discipline of being profitable.

The architecture of crowd error in entertainment markets is not a bug in human cognition that might someday be fixed through education or awareness. It is a feature of how entertainment consumption works, and as long as people feel passionately about films, music, and television, there will be participants in entertainment prediction markets who translate that passion into mispriced contracts. The edge described in this book will persist as long as humans remain humans. The specific forms it takes will evolve as markets mature, liquidity shifts, and new contract types appear, but the underlying dynamic of emotional investment distorting probability assessment is invariant. You are not exploiting a temporary inefficiency that will arbitrage away. You are positioning against a permanent feature of how entertainment audiences process the relationship between preference and probability.

The question every reader should ask at this point is whether they are capable of separating their own entertainment preferences from their probability assessments. The honest answer for most people is no, or at least not consistently. If you watched the Oscar-nominated films and developed strong opinions about which deserves to win, those opinions will contaminate your trading whether you intend them to or not. The solution is not to stop having opinions but to build systems that constrain how those opinions influence your positions. You create rules that must be satisfied before you can enter a trade. You impose position limits that prevent any single conviction from dominating your exposure. You document your reasoning before execution so you can later evaluate whether your entry reflected analysis or emotion. These constraints are the architecture that lets imperfect humans extract edge from markets that punish emotional decision-making.

The chapters that follow will build systematically on this foundation. You will learn how narrative premiums form and how to identify when prices have inflated beyond probability to reflect story rather than likelihood. You will learn how consensus forecasts emerge and when they represent genuine information versus circular amplification. You will learn the timing dynamics of entertainment markets and how prices evolve from nomination through ceremony. You will learn the mechanics of position construction and how to size bets appropriately for your capital and the available liquidity. You will learn to build a rules-based system that makes decisions for you when your emotions would lead you astray. Each chapter addresses a distinct component of systematic entertainment market trading, and by the conclusion you will have a complete framework for approaching these markets like a professional rather than a fan with a trading account.

The Crowd Tax is the recurring theme that unifies everything this book teaches. Every chapter explores a different facet of why crowds overpay, when they overpay, and how to position to collect what they overpay. The tax is not metaphorical. It is an actual transfer of value from participants who price emotionally to participants who price probabilistically. The transfer happens on every trade where one side has priced correctly and the other has not. Your goal is to consistently be on the receiving end of that transfer, and the path to that goal runs through understanding entertainment markets not as a game of prediction but as a market for mispricing where the most common error is wanting your position to win rather than knowing your position is correctly priced.

Entertainment prediction markets represent a frontier opportunity that will not remain this inefficient forever. As Kalshi grows, as more sophisticated traders discover these markets, as the edges become documented in books like this one, the available premium will compress. The first movers who develop systematic approaches now will extract the largest premiums, train their pattern recognition on inefficiencies that remain visible, and build the skills that transfer as markets evolve. The followers who arrive after efficiency improves will find smaller edges requiring larger capital and more precise execution. The timing of your engagement with these markets matters for your career trajectory within them. The framework this book provides is more valuable now than it will be in five years, not because the framework will become wrong but because the opportunities it identifies will become harder to find.

What you hold in your hands is not a prediction guide or a betting system. It is a framework for seeing entertainment prediction markets as they actually function rather than as participants imagine them to function. The crowds will continue pricing emotion. The aggregators will continue reflecting consensus that may have emerged from nothing more than coordinated guessing. The fans will continue converting preferences into probability assessments without recognizing the conversion. None of this will change because none of it reflects a correctable error. It reflects how humans engage with entertainment and what happens when that engagement meets a prediction market platform. Your advantage is simply seeing this dynamic clearly, understanding its implications, and positioning accordingly. The architecture of crowd error is now visible to you. The remaining chapters will teach you how to build within it.

The specific contract types available on Kalshi for entertainment markets deserve detailed examination because each type carries distinct characteristics that affect how mispricing manifests and how you can exploit it. The most liquid entertainment contracts typically center on major awards categories like Best Picture at the Academy Awards, Record of the Year at the Grammys, and Outstanding Drama Series at the Emmys. These marquee categories attract the most attention, the most volume, and consequently the most retail participation driven by emotional investment. Secondary categories like Best Supporting Actor or Best Original Screenplay attract less volume but often feature more extreme mispricing because fewer sophisticated traders bother monitoring them. The tradeoff between liquidity and inefficiency is constant, and your strategy must account for whether you prioritize ease of execution or magnitude of edge.

Reality television contracts represent an underexplored frontier within entertainment prediction markets that exhibits different dynamics than awards shows. Shows like competition cooking programs, talent competitions, and elimination-based series generate contracts on weekly outcomes as well as season winners. The information environment for these contracts differs fundamentally from awards shows because the outcomes are determined by judges, audience votes, or producer decisions rather than industry voting bodies. The participant base also differs, skewing toward fans of specific shows who may have watched every episode and formed attachments to particular contestants. These attachments translate directly into the Crowd Tax when fans bid up contracts on their favorites beyond what cold probability assessment would support.

The temporal structure of reality television contracts creates trading opportunities that awards markets cannot match. An awards market offers one settlement per year for each category, meaning you place your position and wait weeks or months for resolution. A reality television season might offer weekly settlements across ten or twelve episodes, providing multiple opportunities to apply your framework and learn from outcomes within a compressed timeframe. The learning acceleration from this faster feedback loop should not be underestimated. A trader who executes fifty positions across a reality television season learns more about their own biases and the market's behavior than a trader who executes five positions across an entire awards season. Volume of experience matters for developing the intuition that separates competent traders from novices.

The judging mechanisms for different entertainment outcomes create predictable biases that map directly to trading opportunities. Academy Awards use preferential voting where members rank their choices, and votes redistribute from eliminated candidates until one achieves majority. This system favors consensus choices that are broadly liked over polarizing choices that are intensely loved by some and rejected by others. Grammy voting uses committee processes for some awards and general membership voting for others, creating different dynamics by category. Emmy voting occurs in two phases with nomination voting by peer groups and winner voting by the full membership. Each mechanism produces different relationships between popularity, quality, and outcome probability. The trader who understands these mechanisms can identify situations where surface popularity diverges from procedural likelihood.

Campaign spending in awards races provides an information source that most retail participants completely ignore despite its documented influence on outcomes. Film studios spend millions of dollars on Oscar campaigns including screenings, advertisements in trade publications, events for Academy members, and strategic release timing. The studios with the largest campaign budgets tend to win disproportionately often, not because money buys votes directly but because sustained visibility influences preferences in a context where voters must choose among numerous qualified options. A participant who tracks campaign spending and strategic positioning gains information advantage over participants who form views purely from watching the nominated content. The money trail is not destiny, but it is signal, and signal that most of your counterparties are ignoring is signal worth incorporating.

The role of narrative in entertainment awards extends beyond individual films or artists to encompass career arcs, comeback stories, and industry politics that influence voter behavior. An actor who has never won despite multiple nominations accumulates a narrative debt that voters eventually pay by awarding them even for work that might not otherwise triumph. A filmmaker returning after years away from the industry carries comeback momentum that inflates their chances beyond what the specific work warrants. These narrative dynamics are well documented in entertainment journalism but poorly incorporated into prediction market prices because retail participants focus on the work itself rather than the metatextual factors that influence voters. The narrative layer operates independently of quality and must be tracked independently.

The anchoring effect operates with particular force in entertainment prediction markets because participants encounter initial probability estimates before forming their own views. When a film receives its first prediction from an influential pundit declaring it the frontrunner, that declaration becomes an anchor that subsequent predictions drift toward rather than away from. The anchor might have emerged from careful analysis or might have been essentially arbitrary, a guess that sounded confident and happened to come first. Participants who encounter a market already priced at seventy cents for a particular outcome unconsciously treat seventy percent as the baseline around which to adjust rather than forming an independent estimate and comparing it to the market. This anchoring inflates prices on early frontrunners and depresses prices on options that were not anointed in the initial wave of predictions.

The disposition effect describes the tendency of traders to sell winning positions too early and hold losing positions too long, and it manifests in entertainment markets with characteristics that create specific opportunities. A participant who bought a contract at forty cents and watched it rise to sixty cents feels the urge to lock in profits even if their thesis remains intact and the position still offers positive expected value. A participant who bought at sixty cents and watched it fall to forty cents feels the urge to hold until they can exit without loss, even if new information suggests the position no longer offers edge. These emotional pulls have nothing to do with probability and everything to do with the pain of realizing losses and the pleasure of banking gains. You can exploit disposition effect by taking the other side of these emotional exits, buying when others sell prematurely into declining prices and selling when others refuse to cut losses.

The information cascade phenomenon occurs when participants observe others' predictions and update toward them regardless of their own information, producing herding behavior that amplifies initial signals whether accurate or not. In entertainment markets, information cascades form around early frontrunners as each new predictor observes the existing consensus and tilts toward it. The cascade can become self-reinforcing as media coverage focuses on the leader, generating more visibility that attracts more predictions aligned with that leader, which generates more coverage. Breaking an information cascade requires contrary information strong enough to shift the consensus, but in entertainment contexts where information is inherently soft, such contrary signals rarely emerge clearly. The cascade runs until the outcome reveals whether
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